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Abstract: We continue the analysis of the influence of the random effect transformation on the regular-
ity of distribution functions. The paper considers three regularity classes: heavy-tailed distributions,
distributions with consistently varying tails, and exponential-like-tailed distributions. We apply the
random effect transformation to the primary distribution functions from these classes and investigate
whether the resulting distribution function remains in the same class. We find that the random effect
transformation has the greatest impact on exponential-like-tailed distributions. We establish that any
heavy-tailed distribution subjected to a random effect transformation remains heavy-tailed, and any
distribution with a consistently varying tail remains with a consistently varying tail after the random
effect transformation. Meanwhile, different cases are possible when an exponential-like-tailed class
of distributions is subjected to a random effect transformation. Sometimes, depending on the struc-
ture of a random effect, the resulting distribution remains exponential-like-tailed, and sometimes
that distribution regularly varies. All of the derived theoretical results are illustrated with several

examples.

Keywords: random effect; distribution function; distribution transformation; heavy tail; consistent
variation; exponential-like-tailed distribution

MSC: 60E05; 62E15; 62N02

1. Introduction

Random variables (r.v.s) are tools to describe and understand the random processes in
various applied fields, in particular, in insurance, banking, and finance. In other words,
they comprise a quantity that depends on randomness and acquires real values. It can be
described by a measurable function X : W — E, where X is a random variable, W is the
set of elementary events or the sample space, and E C R is the set of possible outcomes
of this random variable. W must be part of the probability space (W, F, P), where W is
the set of all elementary events or the sample space, F is the o-algebra of possible events,
and P is the probability measure that is defined for all elements of the given c-algebra F.
The distribution function (d.f.) is the main function for describing the behavior of a random
variable. Suppose we have an r.v. X. The d.f. of this r.v. is defined by the formula:

Fx(x):=P(w e W: X(w) <x), x € R.

It is well known that any d.f. F has the following properties:
e 0<Fx)<1l,xeR;
. lim F(x) =0, lim F(x)=1;
Y——00 X—>+00
e Function F is non-decreasing, i.e., F(x1) < F(xp) if x1 < xp;
e Function F(x) is right-continuous on R, i.e., JCl_ig\:_ F(x) = F(a) forany a € R.
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The expressions of the distribution functions (d.f.s) for discrete and continuous random
variables are different. When the random variable X is discrete, its d.f. can be written
as follows:

Fx(x) =) P(X=x), xR,
X <x
where {x;,i € I} is a finite or countable set of possible values of X.

The r.v. X is called absolutely continuous if its d.f. is absolutely continuous. In this

case, d.f. Fx can be written in the following form:

Fx(x) = /fX(t)dt, XER,

where fx is an integrable nonnegative density function.

Along with the d.f. F, we consider the tail of the d.f. F = 1 — F. Tail functions are
mainly used in the analysis of the insurance business. Particularly in life insurance, the tail
function is called the survival function. This function measures the probability that an
individual will survive for at least x years:

Fr(x) =P(T > x),

where T is an absolutely continuous, nonnegative random variable representing the life
expectancy of an individual. We notice that in life insurance, the survival function is
usually supposed to be absolutely continuous because a person’s life span T can acquire
any positive value [1]. In this paper, we refer to the function F as the tail of the d.f. Fx or
the tail function (t.f.) of a random variable X.

Various studies of the tail functions (t.f.s) are fascinating and especially important in
the life insurance field because t.f.s help to describe human mortality and have a major im-
pact in evaluating insurance premiums, technical provisions, and other key characteristics
in the life insurance business. A detailed description of how survival functions are used to
derive other actuarial characteristics can be found in books [2-7].

In non-life insurance, t.f.s typically describe the probability that the impending loss
will exceed a certain value. In non-life insurance, it is essential to determine how the
cumulative loss tail behaves because the probability of survival or ruin of the risk process
that describes the business depends on it. A detailed description of such a connection can
be found in the books [8-13].

For the reasons above, various transformations of d.f.s and t.f.s are considered. This
paper considers new t.f.s derived using a special transformation through a random effect
Z. This r.v. with d.f. Fz can be defined on a probability space other than the primary r.v.
X with d.f. F = Fx. Let us denote this new space by (), A, P). The random effect trans-
formation was firstly proposed by Vaupel [14] and later studied by Manton et al. [15,16],
Yashin et al. [17], Moger and Aalen [18], Hougaard [19], and Pitacco [20,21], among others.

The following equality defines the t.f. with the random effect transformation:

F@(x) :=E((F(x))%), xeR

The d.f. of this t.f. is

F@(x)=1-F@(x) =1-E((F(x))?), xR

As was shown in [1], the transformed d.f. is also a d.f. In addition, according to Theorem 1
of [22], transformed d.f. F(%) is absolutely continuous if such is the primary d.f. F. These
results show that the transformed d.f. can be examined in terms of regularity.

The random effect transformation is the direct generalization of the transformation
defined by a randomly stopped minimum. Namely, if Z is a positive integer-valued r.v.
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and independent of the sequence of i.i.d. r.v.s { Xy, X, ...} with d.f. F, then the t.f. of the
randomly stopped minimum has the following form:

I
ngk

P(mil’l{XLXz,. . .,Xz} > X) ]P’(min{Xl,Xz,...,Xn} > X)]P)(Z = 1’1)
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In papers [23-27], various results are derived for this particular case of the random ef-
fect transformation.

As we can see from the results of Section 4, the regularity of the function F (2) often
depends on the support of the random variable Z. The support of an object generally
means the set of points where this object is nonzero. More formally, if Z : 3 — Risan r.v.
on the probability space (Q), A, P), then the support supp{Z} of Z is the smallest closed set R such
that P(Z € R) = 1.

The rest of the article is organized as follows. In Section 2, the regularity classes
are introduced. Afterward, some of the already known results are discussed in Section 3.
In Section 4, the main results of this paper are presented together with illustrations of
the results derived. The proofs of the main results are displayed in Sections 5-8. Finally,
Section 9 deals with the conclusions of the whole analysis.

2. Regularity Classes

Distribution functions, according to their tail behavior, are categorized into various
groups, commonly referred to as regularity classes. In this section, we describe a few such
classes. A fairly extensive description of regularity classes and the properties of these
classes can be found in the book [28]. In this article, we will deal with several classes
of regularity: H, L, withy > 0, OL,S,L,D,C and R, with « > 0. Below, we present
definitions of these classes.

*  Adf Fisheavy-tailed, denoted F € H, if for every fixed 6 > 0,

e}

/ e®*dF(x) = 0.

—00

In the opposite case, we say that a d.f. F is light-tailed and denote F € H°.
*  Adf Fisexponential-like-tailed, with index -y > 0, denoted F € L., if

lim M =e"W forall y > 0.

X—00 [-‘( x)
e Adf F belongs to the class of generalized long-tailed distributions OL, if for any y > 0,

F(x—y)

lim sup ——~ < oo.
ol F(x)

*  Adf Fissaid to be subexponential, denoted F € S if

F+ % F+
im i;m =2,
xX—00 F+(x>

where F*(x) = F(x) Ljg o) (%)
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*  Adf Fissaid to be long-tailed, denoted F € L, if for every y > 0,

F(x).

Flr—v) 5,

e Ad.f. Fissaid to have dominatedly varying tail, denoted F € D, if forany y € (0,1)

lim sup M < 00
X—00 (X)

*  Ad.f. F has a consistently varying tail, denoted F € C, if

F(xy)

lim limsup — =1.
i F(x)

e Adf Fissaid to be reqularly varying with index o > 0, denoted F € Ry, if for any y > 0,

im M =y~
xX—r00 P( x)
It is known, see for example [9,28], that these classes admit the following relations:

R:=JRecCcLNDCSCLCH, DCH.

a=>0

These inclusions are illustrated in Figure 1.

Figure 1. Relationships between the heavy-tailed distribution classes.
In addition, the above definitions imply that

ccoc, |JcL,cocL
>0
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3. Some Known Results

In paper [1], the influence of the random effect transformations was studied for four
classes of d.f.s: regularly varying R, dominatedly varying D, long-tailed £, and generalized
long-tailed OL. The random effect transformation was applied to the primary d.f.s from
each class, and the resulting d.f.s were examined to determine if they retain their initial
classification. The transformation was found to have the most significant impact on
regularly varying d.f.s. The following assertion was proved in Theorem 1 of [1].

Let F belong to the class of regularly varying d.f.s Ry with a > 0, and let Z be a positive r.v.
with the greatest lower bound b > 0, i.e.,

P(Z>b)=1, P(Z>b+6) <1

foreach 6 > 0. Then, the transformed d.f. belongs to class Ry,

Further in [1], it is derived that for d.f.s from the classes D, £, and OL, the transfor-
mation preserves the class of the d.f. as long as the r.v. on which the random effect acts is
strictly positive.

In this paper, we consider the other three classes regularity of d.f.s, #,C and L, with
v > 0. The random effect is chosen for all classes as some positive r.v. because only, in this
case, the transformed d.f. remains d.f. The results of Section 4 show that the distributions
from classes H and C were affected by a random effect remain in the same classes as they
were. Meanwhile, when a random effect affects a distribution from the exponential-like-
tailed class, that distribution can stay in a similar class. Still, it can also become so heavy that
it ends up in the class of regularly varying distributions. In this case, the transformation’s
impact depends on the random effect’s structure. The classes of primary d.f.s considered
both in this paper and in paper [1] differ significantly in their structure. Therefore, when
studying the impact of the random effect on each class, it is necessary to find a specific
method. This can be seen from the proofs of this article, and article [1].

4. Main Results

As was mentioned earlier in this work, we focus on three classes of regularity: #;
C; and L., with v > 0. According to the results of paper [1], sometimes d.f. with the
random effect preserves the properties of the initial d.f. However, sometimes, the random
effect changes, more or less, the regularity of the initial d.f. The changes depend on the
regularity class under consideration and the properties of the random effect. In this section,
we present the main results of the paper together with several conclusions and illustrations.

4.1. Transformation of the Heavy-Tuiled Distribution Function

In this subsection, we establish how the random effect affects the tail of the d.f. from
the class of heavy-tailed distributions H. The assertion below states that a heavy tail
preserves its heaviness under the random effect transformation.

Theorem 1. Let a d.f. F belong to the class of heavy-tailed distributions ‘H, and let Z be a positive
random effect. Then, the transformed d.f. F(*) belongs to class H as well.

We remark that the analogous assertion fails for class H¢ of light-tailed distributions,
i.e., there are d.f.s belonging to class H and positive random effects Z for which F(#) ¢ H¢.
This can be seen from Theorem 3 below and examples in Section 4.3.

4.2. Transformation of the Consistently Varying Distribution Function

The central assertion of this subsection states that the random effect transformation
preserves the regularity property of class C.

Theorem 2. Let a d.f. F belong to the class of consistently varying functions C, and let Z be a
positive random effect. Then, transformed by this random effect d.f. F\%) also belongs to class C.
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We present the proof of this theorem in Section 6. Here, we present two examples
illustrating how the random effect changes the initial d.f. from class C.

Example 1. Let us take the Cai-Tang r.v. (see [29]) with parameter p € (0,1):
X = (1+Y)2N,

where Y and N are independent r.v.s, Y is uniformly distributed on [0,1], and N is the geometric
r.v. for which

P(N=k)=(1-p)p", k=0,1,...
Let F be the d.f. of r.v. X. For x > 1, the d.f. of r.v. X is

—_

|
=
hgk

F(x) = ( P(Yg%—l)pk

p"((zxk =T (e =) T (e - 1>>

=(1-p) (2{10);23@ — 1)pUngxJ +1-— pUngxJ,

T
(e}

—_
|

=

ngk

= (

T
o

see also Equation (6) in [30], and the t.f. for x > 1is

F(x) = plos] (2—17— (1- P)zmj;m)'

Due to the considerations on page 124 of [29], the d.f. F belongs to class C. Namely, for 2" < x <
2" and y € (1/2,1), we have that |log, x| = |log,(xy)| = n and, therefore,

—(1—p)y
(1-p)a

The last estimate shows that

Fy) 1, 20-y)(1-p)

limsu <
ol E(x) p

forany y € (1/2,1), and, consequently d.f. F consistently varies according to the definition of
class C.

Now, let the random effect Z be a r.v. that takes values from the set {1,2,3} with probabilities

F2(x) = E((F))7) = 5 (FG) + (F(x))? + (F(x))?)

[log, x]
P 1y E
=3 (2 p—0 ”)ztlogm>

2
X * x a
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According to Theorem 2, d.f. F (Z2) =1 - F©2) belongs to class C together with the

initial d.f. F. The difference between F and F(%) in case p= % is shown in Figure 2.
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Figure 2. Comparison of tails F and F(%) from Example 1.

We can observe that, in this case, the tail of d.f. F is heavier than the tail F(2). However,
both functions F and F(#) belong to class C.

Example 2. Let us consider the Cauchy distribution with parameters xo = 2,7y = 3. The t.f. of
such a distribution is the following:

— 1 1 -2
F(x) = 5 narctan(x?)), xeR.

The d.f.
- 1 -2 1
F(x) =1—F(x) = narctan(x:s) +5
belongs to class C because the t.f. satisfies condition of the class C definition:
— 1_1 x-2Y))
Ry (3 faran())
lim lim sup T lim lim sup 7
11 x—eo (x) 11 x—eo (% . %arctan(xTQ))
29—
v yoeo 134 x2y% —4xy
= lim 1 =1

ymy
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Let us take a random effect Z uniformly distributed in the interval [0, 1]. Then, the transformed t.f.

is the following:
=y ; 1 1 x—2\\"
@) (x) = / L
Fl%)(x) J (2 - arctan( )) du

According to Theorem 2, we have that d.f. F(?) = 1 — F(Z) belongs to class C together

with the initial d.f. F. The difference between F and F(Z) is shown in Figure 3.

—%¥— Original
—e— Transformed
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=
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o

Figure 3. Comparison of tails F and F(%) from Example 2.

We note that in this case the tail of d.f. F(%) is significantly heavier than the tail F.
However, both functions F and F(%) belong to class C, according to Theorem 2.

4.3. Transformation of the Exponential-like-Tailed Distribution Function

The main statements below show that the class of d.f.s £,y > 0 is significantly more
sensitive to the random effect transformation. In Theorem 3, we describe a reasonably
general case where the random effect transformation of exponential-like-tailed d.f. remains
in the same class by changing only the value of the parameter. Meanwhile, in Theorem 4,
we show that a random effect of a specific form transfers the exponential-like-tailed d.f.
to the class of regularly varying functions. In Sections 7 and 8, we present, respectively,
the proofs of the main Theorems 3 and 4 of this subsection.

Theorem 3. Let F be a d.f. from class L., with v > 0, and let Z be a positive r.v. having the support
of the special form

supp{Z} = {a}UB
withinf{B} = b > a > 0. Then, the transformed d.f. F\*) belongs to class L.
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Corollary 1. If F € L., v > 0, and Z is an arithmetic positive r.v. with a = min{supp(Z)},
then transformed d.f. F%) € L.,.

Proof. According to conditions of the corollary,
supp{Z} = {a,24,34, ...}
with some positive a. Therefore,
supp{Z} = {a} U4,

where A = {24,3a,...} withinf{A} = 2a > a. Now, the assertion of the corollary follows
from Theorem 3 immediately. [

Corollary 2. If F € L := U L, and Z is a positive r.v. such that
>0

supp{Z} = {a} UB, inf{B} =1 > g,
then the transformed d.f. F%) belongs to class L. as well.
Proof. We derive directly from Theorem 3 that
Fe L, = FecL,forsomey>0 = r@ ¢ Loy = r ¢ L.
These implications prove the assertion of the corollary. [

Theorem 4. Let d.f. F belong to class L, with vy > 0, and let the random effect Z be distributed
according to the gamma distribution with positive parameters o and B, i.e.,

Fz(u) =P(Z<u) =

K /u y*le Pvdy, u > 0.
T'(a) Jo

Then, the transformed d.f. F\?) belongs to the reqularity class R.

From the above theorem, we obtain the following statement when the random effect is
exponentially distributed.

Corollary 3. If d.f. F belongs to class L, with v > 0, and the random effect Z is distributed
according to the exponential law

Fz(u) = P(Z <u) = (1= P) 10 o) (u)
with parameter B > 0, then the transformed d.f. F\?) belongs to the reqularity class R.

As already mentioned, we present the proofs of the main Theorems 3 and 4 in
Sections 7 and 8. At the end of this subsection, we present three examples showing how
the selected d.f. from class £; can be transformed by different random effects.

Example 3. Let us consider the exponential distribution with parameter 1, i.e.,
F(x) = (1= e )l (x), F(x) =L (%) +€ g 00 ().

The d.f. F belongs to class L1 because
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for any positive y. Let us take a positive random effect distributed according to the shifted Poisson

law, i.e.,
-1

= 7(1(_1)!, ke{l12,...}.

Then, the tail of the transformed d.f. has the following expression:

We observe that d.f. F(#) belongs to class £, which is consistent with the statement of
Theorem 3. The difference between F and F(%) is shown in Figure 4.

=
o

—¥— Original
* —e— Transformed
I~
L 3
© o
3
S . o '\*\
o e
* \ \ \ %
- | 5 6 7 8 9 10
o
L ]
¥*
\.\*
o TSR — N
\ \ \ |
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X

Figure 4. Comparison of tails F and F(%) from Example 3.

We observe that, in this case, the tails of d.f.s F (2) and F are of similar heaviness.

Example 4. Let us again consider exponential distribution with parameter 1 as in the example
before. But in this case, let us take r.v. Z having exponential distribution with parameter 2. Then,
the transformed t.f. has the following form:
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=

T2+«

According to Theorem 4 and Corollary 3, we have that d.f. F() = 1 — F(Z) belongs to

class R1. The difference between F and F(%) is shown in Figure 5.
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Figure 5. Comparison of tails Fand F9) from Example 4.

We observe that, in this case, the tail of d.f. F(%) is noticeably heavier than the tail of F
because in this case F is light-tailed and F(%) is heavy-tailed.

Example 5. Let us consider again the exponential distribution with parameter 1 as in Examples 3 and 4.
As previously established, we have that d.f.

Flx)=1—-e"% x20.

belongs to class L£1. Now, let us take Z with the d.f.
1 1
Fz(u) = 3 I3 (1) + (2” - 1) 13,4y (1) + Ljg o) (10).
Then, the transformed d.f., for x > 0, has the following form: )
FD(x) =EFx)? =e P2 =2)+ / e *"d (;u - 1)
3

1 1e¥(er 1)
—2e —|—2 p .
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According to Theorem 3, we have that d.f. F(%) belongs to class £, because the support
of the random effect is {2} U [3,4]. This can also be observed from the obtained expressions

of the tails of the d.f.s. The difference between F and F(%) is shown in Figure 6.

<
o | =¥ Original
¥* —e— Transformed
I~
g 3
(=]
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S S e
*
o .__._.‘-_-"*=*——
* I I I I
- \ 5 6 7 8 9 10
e .
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o - e =Rk —k—H— N
I I I I
0 5 10 15
X

Figure 6. Comparison of tails F and F(%) from Example 5.

We observe that, in this case, the tails of d.f.s F (2) and F are of similar heaviness.
In fact, function F belongs to class £1 and F (2) belongs to class £y, which is consistent with
Theorem 3. We remind the reader here that both of the above-mentioned classes belong to
class L.

5. Proof of Theorem 1

For the proof of the theorem, we need one auxiliary lemma.

Lemma 1. Let F be a d.f. of a real-valued r.v. Then, the following statements are equivalent:

(i) F is heavy-tailed,
(i) lim sup " F(x) = oo for any A > 0.

X— 00

Proof of the Lemma. (i) = (ii). Let on the contrary

limsup e’ * F(x) < oo
X—00

for some A* > 0. Then, ¢ and x, > 0 exist such that
F(x) <ce M forx > x..

According to the alternative expectation formula (see [31], for instance), for any A € (0, A1),
we obtain the contradiction to F € H because
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/ e®dF(x) =1 +A/ e F(x)dx
[0,00) 0
"Xe — o0 —
—1 +A/ M F(x)dx + A/ M F(x)dx
JO Xc
<Axce™e 4 cA / e~ (M =A)xqy,
Jxe

(i) = (i). IfA > 0and x > 0, then

—00

” eMdF(y) > eMdF
[ LW > [ ear)

> e F(x),
implying that
/ eVdF(y) > limsup e F(x) = co.
—00 X—>00
Therefore, F € H, and Lemma 1 is proved. [

Proof of Theorem 1. Due to Lemma 1, it is sufficient to prove that

limsup e F(Z)(x) = oo
X—r00

for any positive A.
Let b > 0 be such that P(Z € [0,b]) > 0. For this, b we have

™
N
Il
S~
2
—~
gzl
=
Nt
=
5
N
=

Therefore, for any A > 0

_ b
lim sup e F(Z) (x) > limsup (e)‘x/b F(x)) P(Z€[0,b]) =0

X—00 X—00

because condition F € ‘H implies

limsup e**/? F(x) = oo
X—00

according to Lemma 1. Theorem 1 is proved. O

6. Proof of Theorem 2
Proof. From the definition of class C, we have that

F(xy)

lim lim sup =2 = 1. 1
y e’ F(x) @

Let us choose ¢ € (0,1/2) and 6 = é(¢) € (0,1/2) so that P(Z € [0,1/¢)) > 0 and

lim sup 7(xy) <1+6%

X—»00 (x>

o
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forally € (1—4,1). For such ¢ and for positive x,y, we have

_ F “dF
F(Z)(xy) ) [O,{o)( (xy)) 7(u)
FOx) [ (F(x)"dFz(u)

[0,00)

[ (F(xy))"dFz(u) [ (F(xy))"dFz(u)

_ [0,17¢) [1/¢,00)

[ Fa) B ) | J (Fx)"dE(w)

[0,00) [0,00)
=: J1e + J2e 2)

where F7 denotes the d.f. of the random effect Z.
Ify € (1—-9,1), then

. u f u
i o0 (Eear(o)
0,1/¢
li <l —
i sup fie < i sup (F(x))"dEz ()

,1/¢)

(F )
<limsup max | =
r—oo 0<u<i/e\ F(x
< limsup ( )

X—00
1/
< (1 + £2> 8.

Also, for the selected e and for y € (1 —¢,1) we obtain

[ (F(xy))"dFz(u)

. [1/¢,00)
lim sup Joe < —
o0 [ (F(x))"dFz(u)
[0,1/¢]
< limsu

The derived estimates and equality (2) imply that

F(2) e P(Zz>1
lim lim sup Fj(xy) < (1 _1_52) (75)1 +1
¥ x>eo F(Z)(x) [P(Z c [0[ E)

for all ¢ satisfying the condition P(Z € [0,1)) > 0.
Therefore, by passing ¢ to zero we obtain

() 1/ P(z>1
lim lim sup 7(xy) < lim(l + 82) 1+ M .
v x50 FZ)(x) €0 P )

Since

5 1/¢
lim(1+e ) -1,
el0
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we have
F(2)
lim lim sup & <1 3)
¥ x—e F(2) (x)
In addition, if y € (0,1) and x > 0 we have
(2) (2)
limsup Fj(xy) > lim ianj(xy) >1,
x—oo  FE(Z2) (x) x—oo  p(Z) (x)
for all y € (0,1). Consequently,
F(2)
lim lim sup ﬂ >1
vl xse F(2)(x)
which, together with the estimate (3), implies that
(2)
lim lim sup Fj(xy) =1
v x5 F(Z2) (x)
This means that the transformed d.f. F(4) € C. Theorem 2 is proved. O
7. Proof of Theorem 3
Proof. From the definition of class £., we have
FeLl, & lim F =) _ ow goran y > 0. @)
x—o F x)

If x is positive, then

Hence, for any fixed y > 0, we obtain

, F (x —y)
S T
(P ) P2 =) +E((Fr - 1) 1)
= limsup — 2 —
x—+00 (F(x)) P(Z:a)+E((F(x))Zl{Z>b})
< limsup (FE=0)PZ =) + (Flx—y)'P(2 > b)
X—00 (F(x)) P(Z = tl)

< 1imsup<F(;f_y)>a —|—1imsup<F(;f_y)) (Fx))' B2 20

xX—00
— e,
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Similarly, we obtain

liminf —— > — u(
¥ p2)(x) (F(x))"P(Z =a)

= liminf E@)
— b—a
e P(Z=a)+ (F(x)) "P(Z>=D)
= hminf(F(x —Y) )“
X—00 F(x)
=, (6)

The estimates (5) and (6) imply that F (2) ¢ L. This finishes the proof of Theorem 3. [J

8. Proof of Theorem 4

For the proof of Theorem 4, we need an auxiliary statement related to the representa-
tion theorem for the exponential-like-tailed d.f.s.

Lemma 2. Let d.f. F belong to class L., with vy > 0. Then, for any ¢ € (0, y/2) sufficiently large
x* = x*(e) exists such that
e7<7+e)x < f(x) < e*(’}’*S)x

forall x > x*.

Proof of the Lemma. D.f. F belongs to class £, with o > 0. Therefore, for fixed y > 0,
we have

(yx)"F(logyx) _ ,F(logy+logx) yTeTIoBY — 1,

x7F(log x) Y F(logx)  x—oo

This implies that the function x7F(log x) slowly varies. According to the well-known
Karamata’s representation theorem, see [32], Theorem 1.2 in [33], or Theorem 1.3.1 together
with Corollary 1.3.5 in [34],

— X
x"F(logx) = h(x) exp{—/ g(uu)du}, (7)
1
where I and ¢ > 0 are measurable functions such that
h(x) xjooh > 0, and g(x) xjooO.

Changing log x to x, we obtain from (7) that

F(x) = h(e¥) e exp{— [ (uu)du}

=h(e*)e ¥ exp{— /:g(e“)du}.

Let e € (0,7/2) be fixed. From the last expression, we obtain that

F(x) < max{1,2h}e™ ¥ L e~ (770) (8)
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ifx > % log max{1,2h}.
Similarly, the condition g(x) =, 0 implies that

X

F(x) =h(e¥)e™ ™ exp{— /OX1 g(e*)du — /x1 g(e”)du}
> h(e*)e ™ exp{— /Ox1 g(e*)du — %(x - xl)}
> h(e) e—(v+s/2)xexp{/(:1g( ”)du} x> xy,

where x; is such that g(e") < &/2 foru > x;.
If x is sufficiently large (x > x, > x7), then

=

h(ex) > > efex/4

N

by condition #(x) vy h > 0and

exp{— /(:q g(e“)du} > e /4,

due to the integrability of function g.
The derived above estimates imply that

F(x) > e (r+e)x

for all x > x5.

©)

It follows from the estimates (8) and (9) that the assertion of the lemma holds with

x* = max{ % logmax{1,2h}, xp } Lemma 2 is proved. [
Proof of Theorem 4. Lety > 0 be fixed. For an arbitrary x > 0

ﬁ(xy) B f ( (xy)) dFz(u )

D(x)  Jip,e0) (F(x)) dFz(u

fo ( xy) )uu 5“du
J57 (F(x)) “ur—te=Prdu

Since F € L., with ¢ > 0, we have from Lemma 2 that

for e € (0,7/2) and sufficiently large x.

Therefore,
(2) a—1 *((’Y 5)W+ﬁ)”d
lim sup l;(xy) < limsup f ‘ !
oo F)(x)  ame [ yam1 - ((0r)ug,
. (y+e)x+p )"‘
=limsup|{ ————
vy ((v—s)xyﬂﬂ

+e\* _
-(555) v

(10)
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and, similarly,

fooo =1 e—((7+s)xy+/5)udu

PR TR e e (i,

o (y—e)x+p\"
hﬂgf(('rﬂ)xyﬂ%)

-()

Because of the arbitrariness of € € (0,y/2), estimates (10) and (11) imply that

FOuy) .,
X—r00 F(Z)(x) ’

This finishes the proof of Theorem 4. [

9. Conclusions

In this paper, we examine how the random effect transformation changes the regularity
properties of the distribution function. We consider three classes of distributions: heavy-
tailed distributions, distributions with consistently varying tails, and exponential-like-
tailed distributions. We found that the class of exponential-like-tailed distributions is most
sensitive to the random effect transformation. In some cases, a random effect transforms
distributions from this subclass of light-tailed distributions into heavy-tailed ones. Also, the
random effect transformation is one way to construct distributions with specific properties.
This method perfectly complements other methods of such construction discussed in many
articles, see, for example, refs. [35-43] and references there in. In this paper and in paper [1],
it is established how a random effect affects distributions from seven regularity classes:
R,L,Ly,OL,D,C,and H. According to the book [28], there are more regularity classes.
In the future, it would be interesting to find out how a random effect changes distributions
from other classes, especially those defined by the convolution.
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