= £} Routledge

-1 Taylor &Francis Group

European Journal of Work and Organizational Psychology

ISSN: 1359-432X (Print) 1464-0643 (Online) Journal homepage: www.tandfonline.com/journals/pewo020

The dynamics of well-being at work: longitudinal
profiles of boredom, burnout, and work
engagement

Cecilia Toscanelli, Michaél Parmentier, leva Urbanaviciute & Andreas Hirschi

To cite this article: Cecilia Toscanelli, Michaél Parmentier, leva Urbanaviciute & Andreas
Hirschi (13 Jul 2026): The dynamics of well-being at work: longitudinal profiles of boredom,
burnout, and work engagement, European Journal of Work and Organizational Psychology,
DOI: 10.1080/1359432X.2026.2699462

To link to this article: https://doi.org/10.1080/1359432X.2026.2699462

8 © 2026 The Author(s). Published by Informa
UK Limited, trading as Taylor & Francis
Group.

A
h View supplementary material &'

% Published online: 13 Jul 2026.

N\
[:J/ Submit your article to this journal &

||I| Article views: 60

A
& View related articles &'

View Crossmark data &'

Full Terms & Conditions of access and use can be found at
https://www.tandfonline.com/action/journalinformation?journalCode=pewo20


https://www.tandfonline.com/journals/pewo20?src=pdf
https://www.tandfonline.com/action/showCitFormats?doi=10.1080/1359432X.2026.2699462
https://doi.org/10.1080/1359432X.2026.2699462
https://www.tandfonline.com/doi/suppl/10.1080/1359432X.2026.2699462
https://www.tandfonline.com/doi/suppl/10.1080/1359432X.2026.2699462
https://www.tandfonline.com/action/authorSubmission?journalCode=pewo20&show=instructions&src=pdf
https://www.tandfonline.com/action/authorSubmission?journalCode=pewo20&show=instructions&src=pdf
https://www.tandfonline.com/doi/mlt/10.1080/1359432X.2026.2699462?src=pdf
https://www.tandfonline.com/doi/mlt/10.1080/1359432X.2026.2699462?src=pdf
http://crossmark.crossref.org/dialog/?doi=10.1080/1359432X.2026.2699462&domain=pdf&date_stamp=13%20Jul%202026
http://crossmark.crossref.org/dialog/?doi=10.1080/1359432X.2026.2699462&domain=pdf&date_stamp=13%20Jul%202026
https://www.tandfonline.com/action/journalInformation?journalCode=pewo20

EUROPEAN JOURNAL OF WORK AND ORGANIZATIONAL PSYCHOLOGY
https://doi.org/10.1080/1359432X.2026.2699462

Routledge

Taylor & Francis Group

39031LN0Y

8 OPEN ACCESS | ® check forupdstes

The dynamics of well-being at work: longitudinal profiles of boredom, burnout,

and work engagement

Cecilia Toscanelli?, Michaél Parmentier®<, leva Urbanaviciute® and Andreas Hirschi?

aDepartment of Work and Organizational Psychology, University of Bern, Bern, Switzerland; PIPSY, UCLouvain, Louvain-la-Neuve, Belgium;
‘HEC Liege-Management School, University of Liége, Liége, Belgium; dInstitute of Psychology, Vilnius University, Vilnius, Lithuania

ABSTRACT

Job boredom, a deactivated and unpleasant affective state experienced at work, can become
persistent, leading to negative consequences for individuals and organizations. However, the
possible co-existence of job boredom with other workplace well-being indicators, such as burnout
and work engagement, is still poorly understood. To address this issue, our research expands upon
the predominant variable-centred perspective on boredom and employs a longitudinal person-
centred approach to investigate the most salient configurations of job boredom, burnout, and
work engagement over time and examine job demands and resources as predictors of profile
membership. Across two samples, findings revealed distinct well-being profiles, including high-
burnout/low-engagement profiles, alongside bored-and-burned-out and mixed profiles. Role con-
flict was found to predict unfavourable profiles, while autonomy, learning opportunities, and
cognitive demands were linked to more favourable combinations. This study advances under-
standing of job boredom and its associations with other key aspects of workplace well-being, such
as burnout and engagement. The paper offers novel insights into how these aspects can be
experienced simultaneously and informs strategies to foster employee well-being by promoting
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favourable configurations.

Job boredom is a widespread but still little-investigated
work experience (e.g., Loukidou et al., 2009; Reijseger
et al, 2013) and can be defined as a deactivated and
unpleasant transient affective state experienced at the
workplace (e.g., Schaufeli & Salanova, 2013). Although
transient in its nature, research showed that this work-
related experience can become persistent and lead to
negative consequences at both individual and organiza-
tional levels, such as depressive symptoms and turnover
intentions (e.g., Loukidou et al., 2009; Reijseger et al,,
2013).

Research aimed at understanding psychological well-
being at work (see Schaufeli & Salanova, 2013) has often
stressed the importance of a holistic lens, considering
both positive and negative indicators of well-being.
Accordingly, job boredom has been conceptualized
and studied alongside well-known psychological states
at work, such as burnout and work engagement (e.g.,
Schaufeli & Salanova, 2013). Burnout refers to a negative
state characterized by energy depletion, cynicism, and
emotional and cognitive symptoms, while work engage-
ment reflects a positive state of energy and fulfilment at
work (Schaufeli & Salanova, 2013).

Different taxonomies of work-related psychological
well-being (Harju et al., 2014; Schaufeli & Salanova,
2013; Warr, 1990) state that indicators such as job bore-
dom, burnout, and work engagement can theoretically
be conceptualized at different poles and triggered by
different working conditions. In fact, these frameworks
conceptualized work engagement and burnout as oppo-
site constructs. Job boredom is conceptually related to
burnout and also situated as the opposite of work
engagement in terms of emotional valence and activa-
tion, albeit boredom and burnout still representing dif-
ferent constructs (Reijseger et al., 2013). From a more
general perspective, Martela (2025) has conceptualized
these constructs in terms of affective well-being (where
boredom would be theoretically situated) and conative
well-being (burnout and work engagement), while
acknowledging overlaps between them (e.g., conative
constructs can include affective components). Theories
and variable-centred approaches show a consistent pat-
tern of relationships between these variables.
Specifically, research showed that boredom correlates
negatively with work engagement and positively with
burnout (Toscanelli, et al., 2022) and that job boredom
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and burnout are negatively related to work engagement
(Schaufeli & Salanova, 2013).

However, in line with Martela’s (2025) proposition of
possible intersection of affective and conative dimen-
sions of well-being at work, person-centred approaches
have shown that these psychological states might co-
exist in different combinations. For example, it is possi-
ble to be bored and exhausted (Harju et al., 2023), or
burned out and engaged (Timms et al.,, 2012). Still,
research on the co-existence of job boredom with
other work-related psychological states is scarce.
Recent studies emphasize the need to examine whether
and how boredom might co-occur with less transient
and well-known negative and positive psychological
states and in what specific configurations. Moreover,
although research has shown that job boredom can
combine with exhaustion (Harju et al., 2023), less is
known about the co-existence of job boredom with the
burnout experience as a whole, including aspects such
as cynicism, lack of efficiency, emotional and cognitive
impairment (Schaufeli et al., 2020). In addition, although
theoretical frameworks conceptualize burnout and
engagement as opposites (Harju et al.,, 2014; Schaufeli
& Salanova, 2013; Warr,1990) empirical evidence shows
that they can occur simultaneously (Timms et al., 2012).
However, even though such models conceptualize job
boredom in opposition to work engagement, no
research has investigated the possible co-existence of
boredom with work engagement. Finally, person-
centred longitudinal studies on the associations of job
boredom with other well-being indicators are scarce,
and the current literature calls for a better understand-
ing of the association of boredom with states of ill-being
over time using a longitudinal approach (e.g., Harju
et al., 2023). Because job boredom, burnout, and work
engagement occupy partially overlapping but non-
identical positions in affective-conative space and can
co-occur, there is a need for analytical approaches that
consider these states jointly rather than in isolation, to
distinguish qualitatively different well-being experiences
that cannot be inferred from variable-centred
approaches.

Addressing these issues is essential for deepening the
knowledge of whether boredom might be associated
with more persistent detrimental states such as burnout
and, consequently, with significant health-related risks.
Moreover, a better understanding of how boredom
relates to different dimensions of burnout could contri-
bute to clarifying the role of boredom within the broader
burnout experience. In fact, given that the burnout
experience can be heterogeneous (Leiter, 1993), it is
important to understand how it is associated with bore-
dom to achieve a better understanding of how these

two experiences are lived by employees. Moreover,
because positive and negative states can co-exist (e.g.,
Timms et al., 2012), in contrast to theoretical implica-
tions (e.g., Warr, 1990), it is conceptually important to
investigate how negative states such as job boredom are
situated in comparison to positive indicators such as
work engagement. From this conceptual point of view,
examining whether boredom can co-exist with work
engagement is especially relevant, because boredom,
although generally considered detrimental, may never-
theless overlap with positive psychological experiences.
In addition, it is crucial to understand if and how the co-
existence of boredom with states of ill-being and well-
being persists and evolves over time (Harju et al., 2023)
to shed light on the different possible associations of
boredom with both detrimental and positive psycholo-
gical states. Taken together, examining job boredom in
relation to both burnout and work engagement allows
for a more differentiated conceptual understanding of
how boredom is embedded in broader patterns of work-
related well-being, encompassing both ill-being and
well-being.

In addition to better understanding the emergence
and persistence of different well-being profiles, it is
essential to consider job characteristics that may foster
or hinder them. In well-known frameworks such as the
Job Demands-Resources model (Bakker et al., 2022),
findings linking job demands and resources to well-
being are generally consistent (see Bakker et al., 2022).
However, recent research distinguishes between differ-
ent types of demands that may challenge or disrupt
employees’ work (i.e., challenging vs. hindering
demands) and hence relate differently to well-being
(e.g., Bakker et al., 2022). Similarly, job resources may
serve different functions - either helping employees
cope with demands or promoting growth and fulfilment
(e.g., Demerouti & Bakker, 2023). To date, only one study
investigated the link between hindering and challenging
demands and job boredom (Harju et al., 2023) under-
scoring the need for further research to gain insight into
how distinct types of job demands and resources relate
to job boredom, as well as its combination with other
well-being states. Deepening our understanding of how
contextual characteristics relate to combinations of well-
being outcomes is important because it could yield
important insight from both scientific and practical per-
spectives. Notably, the consideration of hindering and
challenging demands as antecedents of these combina-
tions might help to move from viewing job demands
solely as a threat to well-being to a deeper understand-
ing of which demands and resources may be associated
with different well-being at work combinations over
time.
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To address these issues, we will examine three well-
being indicators — job boredom, burnout (in its multi-
dimensionality), and work engagement - using
a longitudinal, person-centred approach. Sample 1 was
assessed at two times of measurement while Sample 2
was assessed at three measurement points to assess the
stability of the profile combinations over time, as well as
transitions between profiles. In both studies, we will
examine hindering and challenging demands, as well
as two different resources (i.e., learning opportunities
and autonomy), as possible predictors of membership
in different well-being configurations.

This paper contributes to the literature in several
ways. First, it enhances the understanding of job bore-
dom, an area still lacking precise empirical evidence
regarding its possible co-occurrence with other work-
related states. Notably, it will contribute to increasing
the knowledge on the conceptualization of job boredom
regarding work engagement and burnout. More
broadly, this study advances our understanding of work-
place well-being by examining how three key indica-
tors — job boredom, burnout, and work engagement —
can co-exist and combine over time. This will provide
insights into the possible evolution of these configura-
tions over time, as well as into the possible transitioning
of employees across different well-being profiles. Finally,
this study will contribute to showing how different job
demands and resources might predict the probability of
belonging in and transitioning between favourable or
unfavourable combinations of well-being states and
hence offer a dynamic perspective on work-related well-
being.

Profiles of job boredom, burnout, and work
engagement

Job boredom, work engagement, and burnout are
known indicators of well- and ill-being at work. Two
similar theoretical frameworks allow to situate these
three indicators within a broader well-being framework:
Warr's (1990) model of well-being, adapted by Harju and
colleagues (2014) and the taxonomy of well-being by
Schaufeli and Salanova (2013). In these frameworks, psy-
chological states are depicted by means of two axes,
representing pleasure (vs. displeasure) and activation
(vs. deactivation). Within these models, job boredom
and burnout are positioned as deactivated and unplea-
sant states, whereas work engagement is seen as an
activated and pleasant one (Harju et al., 2014); however,
boredom and burnout represent theoretically distinct
psychological states within this space, reflecting qualita-
tively different states of ill-being (see Schaufeli &
Salanova, 2013).

As previously mentioned, person-centred approaches
examining job boredom in combination with burnout
and work engagement are scarce. To date, only one
study exists, and identified the co-existence of job bore-
dom and exhaustion (Harju et al., 2023). In contrast,
several studies have explored person-centred
approaches to burnout and engagement, typically iden-
tifying patterns of high burnout with low engagement,
and vice versa (e.g., Timms et al., 2012). These studies
have also highlighted less traditional combinations,
showing that individuals may simultaneously experience
both burnout and engagement (e.g., Mékikangas et al.,
2014; Timms et al., 2012). The paucity of person-centred
studies makes it difficult to formulate precise hypoth-
eses about all possible profile combinations. However,
drawing on theoretical frameworks that conceptualize
well-being along dimensions of activation and valence
(Harju et al., 2014; Schaufeli & Salanova, 2013; Warr,
1990), we can expect two theoretically traditional pro-
files to appear: one characterized by low levels of job
boredom and burnout with high work engagement, and
another characterized by high boredom and burnout
with low work engagement.

Hypothesis 1: A profile characterized by low levels of job
boredom and burnout (all dimensions), and high levels
of work engagement, will be identified.

As noted earlier, burnout is a multidimensional con-
struct. The specific burnout dimensions depend on
how burnout is conceptualized. In this study, we con-
sider two conceptualizations: The first includes a lack of
efficiency as well as exhaustion and cynicism (see
Schaufeli et al.,, 1996). The second includes emotional
and cognitive impairments, and exhaustion and cyni-
cism (see Schaufeli et al., 2020). We draw on two con-
ceptualizations of burnout to capture both classical and
contemporary understandings of the construct, which
can differ in how burnout-related impairment is theore-
tically specified. The first model conceptualizes burnout
as a syndrome combining exhaustion, cynicism, and
reduced professional efficacy (Schaufeli et al., 1996),
whereas the more recent model retains exhaustion and
mental distance but explicitly operationalizes burnout-
related impairment in terms of cognitive and emotional
functioning (Schaufeli et al., 2020). Examining both con-
ceptualizations in relation to boredom allows us to
examine whether job boredom aligns more strongly
with a general loss of efficacy or with specific cognitive
and emotional impairments, thereby better clarifying
the nature of boredom-burnout co-occurrence at the
profile level than would be possible by focusing on
only one conceptualization of burnout.
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To the best of our knowledge, some evidence has
reported the co-occurrence of high levels of exhaustion
and job boredom (Harju et al., 2023). Accordingly, we
expect to identify a profile characterized by high boredom
and high exhaustion. Because boredom and burnout are
located in close proximity within dimensional models of
work-related well-being - sharing an unpleasant and deac-
tivated quality (Warr, 1990; Schaufeli & Salanova, 2013) -
their co-occurrence may extend to other core burnout
dimensions, consistent with Martela’s (2025) view that
affective and conative aspects of well-being are distinct
yet partially overlapping. To our knowledge, no study has
examined the co-existence of job boredom with
the second core burnout dimension, cynicism. Cynicism
reflects a perceived loss of meaning in the workplace
(Leiter & Schaufeli, 1996) and has also been linked to job
boredom in variable-centred studies (e.g., Toscanelli et al.,
2024). Variable-centred literature also showed consistent
evidence of the associations between job boredom and
emotional impairment (e.g., Li et al., 2024), cognitive
impairment (e.g., Sousa & Neves, 2021), and lack of effi-
ciency (e.g., Kawada et al., 2024). Hence, it seems reason-
able to expect a profile characterized by high levels of job
boredom and cynicism as well as high emotional impair-
ment, cognitive impairment, or lack of efficiency.

Hypothesis 2: A profile characterized by high levels of job
boredom and burnout (all dimensions), and low levels of
work engagement, will be identified.

Following the previously cited literature, it is also plausible
to observe a co-existence of work engagement and burn-
out (e.g., Timms et al,, 2012). Because work engagement
and exhaustion have been shown to co-exist simulta-
neously in specific overstimulating conditions (e.g.,
Innanen et al., 2014) we can expect a profile characterized
by high work engagement and high exhaustion. In that
configuration, job boredom is expected to be low. This
configuration is theoretically coherent because work
engagement is characterized by high activation, which
can coexist with exhaustion under conditions of sustained
effort. In contrast, such a condition should be incompatible
with the low-activation state that defines job boredom
(Warr, 1990; Schaufeli & Salanova, 2013). Because oversti-
mulation and understimulation represent opposing envir-
onmental conditions, boredom is unlikely to co-occur with
exhaustion under high engagement, consistent with litera-
ture showing that job boredom primarily arises from
understimulating situations (e.g., Reijseger et al., 2013).

Hypothesis 3: A profile characterized by high levels of
exhaustion and work engagement, and low levels of job
boredom will be identified.

Profiles stability and transitions

Longitudinal person-centred approaches allow research-
ers to investigate two distinct but complementary types
of longitudinal stability. The first, within-sample stability,
refers to the consistency in the number and shape of
profiles across time (Gillet et al., 2024; Morin & Litalien,
2017). The second is within-person stability, and refers to
the stability of employees’ membership in the profiles
(Gillet et al., 2024; Morin & Litalien, 2017). These
approaches allow us to distinguish between the stability
of the well-being configurations themselves and the
stability of individuals’ membership in these configura-
tions. Examining both is thus important because they
differentiate between the robustness of qualitatively
distinct patterns of well-being across time and the
degree to which employees’ experiences of well-being
are persistent or dynamic.

Theories of work-related well-being do not concep-
tualize well-being states as independent experiences,
but as occupying structured and theoretically meaning-
ful positions within broader frameworks of well-being
(e.g., Warr, 1990; Schaufeli & Salanova, 2013).
Consequently, the combinations of job boredom, burn-
out and work engagement can be understood as reflect-
ing recurring forms of work-related well-being and ill-
being, making it theoretically plausible that similar pro-
file configurations will be observed across measurement
occasions. Existing person-centred longitudinal research
supports the expectation of within-sample stability in
the profiles constituted by our indicators. Prior research
has shown that combinations of engagement and burn-
out consistently retain their shape and number over
time (e.g., Gillet et al., 2023; Lehtiniemi et al., 2024;
Makikangas et al., 2016). Although evidence concerning
job boredom is more limited, one study has provided
evidence concerning its within-sample stability together
with exhaustion (Harju et al., 2023). On the basis of the
previously cited literature, we therefore propose that the
number and configuration of profiles would remain simi-
lar (within-sample stability) over time.

Hypothesis 4: The identified profiles show within-sample
stability.

Concerning within-person stability, several factors must
be considered. Although the examined states of bore-
dom, burnout, and engagement are typical indicators of
well-being at work, it is important to stress that their
duration and stability may differ. From a theoretical per-
spective, burnout and work engagement are conceptua-
lized as persistent work-related psychological states
rather than short-lived ones (e.g., Schaufeli & Salanova,
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2013). Although job boredom, as a transient state (e.g.,
Fisher, 1993), can fluctuate, questionnaire-based assess-
ments have shown to capture recurrent experiences of
boredom at work rather than momentary episodes (e.g.,
Game, 2007). In fact, some studies have highlighted
a possible bias concerning the measure of job boredom
via questionnaires. It has been shown that participants
who experience some short moments of boredom tend
to forget them and report in questionnaires that they are
never bored (Game, 2007). This is important because it
implies that when measuring boredom with question-
naires, those who show high levels of boredom are
probably experiencing it in a rather stable way.
Consistently, research showed that it can be experi-
enced, together with exhaustion, in a rather stable way
(Harju et al., 2023) because employees tended to remain
in this profile rather than transitioning to other profiles.

Concerning burnout and work engagement, scientific
evidence is mixed. Studies have shown a prevalence of
within-person stability in burnout and engagement pro-
files in teachers over a year (e.g., Rantanen et al., 2024),
while others have detected dynamic changes in well-
being (see Mdkikangas et al., 2016). For example, large
proportions of transitions have been found in burnout
and work engagement profiles over three time points
separated by two years (Lehtiniemi et al., 2024), while
varied stability across profiles has been highlighted in
studies over one year (Gillet et al., 2023). Because our
studies are both focused on shorter time lags (three
months with two measurement points and six months
with three measurement points), we argue that employ-
ees’ membership in these profiles (within-person stabi-
lity) would remain mainly stable over time. However,
given the previously cited literature, it might be possible
to observe transitions between profiles. For this reason,
we expect within-person stability to be moderate (50%
of the sample stay in the same profile) to high (75% of
the sample stay in the same profile) (see Gillet et al.,
2023).

Hypothesis 5: Within-person stability of the identified
profiles is high to moderate.

Predictors of profiles membership: job demands and
resources

According to the Job Demands-Resources model (JD-R,
Bakker & Demerouti, 2017; Schaufeli & Bakker, 2004) job
demands arise from physical, psychological, social, and
organizational loads — also called stressors — that require
significant effort on the part of the worker and therefore
imply a physiological or psychological cost to the

workers (Demerouti et al., 2001). Resources, on the
other hand, refer to “those physical, psychological, social
or organizational aspects of the job that may (...) (1) be
functional in achieving work goals; (2) reduce job
demands and the associated physiological and psycho-
logical costs; (3) stimulate personal growth and devel-
opment” (Demerouti et al.,, 2001, p. 501). Literature
mainly highlights low demands and low resources as
antecedents of job boredom, and low resources and
high demands for burnout. In contrast, a functional com-
bination of job demands and resources is typically asso-
ciated with work engagement (Demerouti et al., 2001;
Reijseger et al., 2013).

Even though the division into challenge versus hin-
drance demands can be ambiguous (see Podsakoff et al.,
2023), several studies stress the importance of consider-
ing these two types of job demands to fully understand
the relationship between stressors and well-being (e.g.,
Demerouti & Bakker, 2023). Challenging demands pre-
sent employees with tasks that are stimulating, such as
starting a new project (Demerouti & Bakker, 2023).
Hindering demands refer to job demands that disrupt
employees’ work, such as interruptions, excess of
bureaucratic tasks, or role conflict (Demerouti & Bakker,
2023).

A similar distinction might be applied to job
resources. Some job resources (e.g., job autonomy)
might provide employees with the space to be more
autonomous or offer them a window of freedom to
cope with workday hassles, while other resources, such
as task variety or learning opportunities, might contri-
bute to positive stimulation and growth (e.g., Demerouti
& Bakker, 2023). These distinctions are particularly rele-
vant for this study because these different types of job
demands and resources might relate to well-being out-
comes differently.

Because the profiles identified in this study are
defined by the joint configuration of job boredom, burn-
out, and work engagement, job demands and resources
that differentially relate to strain, stimulation, control,
and opportunities for growth are particularly relevant
for understanding why employees are more likely to
belong to specific combinations of our well-being indi-
cators. Challenging job demands relate both to exhaus-
tion and engagement (Demerouti & Bakker, 2023;
Roskova & Faragova, 2020) and, given their stimulating
nature, might be negatively associated with job bore-
dom (Harju et al., 2023). In turn, hindering job demands,
given their strain-inducing and work-disrupting nature,
relate to increased exhaustion and boredom (Harju et al.,
2023). Concerning job resources, resources such as job
autonomy, given their control-enhancing nature, are
associated with positive outcomes such as work
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engagement (see Demerouti & Bakker, 2023) and might
be useful to buffer the effects of job demands. Other
types of resources might be functional for personal
development and growth, such as skill discretion and
learning opportunities, and have shown strong positive
associations with positive outcomes such as work
engagement (see Demerouti & Bakker, 2023) and nega-
tive associations with negative outcomes such as burn-
out and boredom (see Demerouti & Bakker, 2023). The
distinction between these types of job resources is rele-
vant concerning job boredom, because the first type has
been shown to be less effective than the second type in
counteracting it (Toscanelli et al., 2021).

Accordingly, we selected specific indicators of job
demands and resources that have been linked to bore-
dom, burnout, and work engagement in prior research,
that can capture elements of stimulation, hindrance,
control, and growth, and are in line with key motiva-
tional and strain JD-R processes (see Demerouti &
Bakker, 2023). On this basis, we consider cognitive
demands as a challenging demand, and role conflict as
a hindering job demand. To reflect different types of job
resources, we include job autonomy, which refers to the
degree of control employees have over their tasks, and
learning opportunities, which involve access to activities
that foster personal and professional growth.

Hypothesis 6a: Cognitive demands will positively predict
membership in profiles characterized by high burnout
and work engagement and negatively predict member-
ship in profiles with high boredom.

Hypothesis 6b: Role conflict will positively predict mem-
bership in less favourable profiles (i.e., high burnout,
high boredom, low work engagement profiles).

Hypothesis 7a: Autonomy will predict membership in
profiles characterized by low burnout and boredom,
and high work engagement.

Hypothesis 7b: Learning opportunities will predict mem-
bership in profiles characterized by low boredom and
burnout, and high work engagement

Method
Participants and procedure

Sample 1 and Sample 2 were composed of workers from
the French-speaking part of Belgium. Participants were
recruited via a convenience-snowball approach: under-
graduate students distributed an online survey link to

adults who were employed (full- or part-time) within
their personal networks (e.g., friends, family, co-
workers) and fluent in the survey language. Upon click-
ing the link, respondents reviewed an informed-consent
statement outlining study purpose, confidentiality,
voluntary participation, and withdrawal rights; those
who consented completed the first-wave questionnaire
online. At the end of the survey, participants were asked
to provide a valid e-mail address if they wished to be
recontacted for subsequent waves. E-mail addresses
were stored separately from survey data and used solely
for follow-up invitations. No incentives were offered, and
participation was entirely voluntary.

Concerning Sample 1, Wave 1 took place from mid-
October to mid-December 2023 (N = 743) while Wave 2
took place 4 months later, from mid-February to mid-
March 2024 (N = 282). In this sample, all the participants
who answered to at least one measurement wave were
retained, resulting in a final sample of N =743 partici-
pants working in various occupational sectors (N = 743,
M,ge =40.86, 70.8% women; 76.5% held a university
degree, 79.2% working full-time).

Sample 2 included three waves of measurement
separated by three months. Wave 1 took place at the
end of October 2022 (N=2208). A total of 1028
Participants shared their email address to be recon-
tacted for future waves. Of those, 318 participants com-
pleted Wave 2, which took place at the end of
January 2023 (N=318) and Wave 3, which took place
at the end of April 2023 (N = 252). Given that the present
study focuses on the stability of well-being profiles and
transitions between profiles over time, only participants
who answered on at least two measurement times were
retained for the analyses. This decision was made to
minimize reliance on inferred longitudinal information
(Collins & Lanza, 2010; Nylund-Gibson & Choi, 2018),
thereby ensuring that the sample provided sufficient
repeated observations to estimate within-person transi-
tions across the three time points. The final sample was
composed of N=374 participants working in various
professional sectors (M,qe=41.65, 75.4% women,
60.6% held a university degree, 73% working full-time).

Time-lags between the measurements in both sam-
ples were made to reflect common time-lags used in
research examining the same indicators (see
Makikangas et al., 2016). These constructs are concep-
tualized as work-related psychological states that may
change over time, yet typically do so gradually rather
than abruptly (Schaufeli & Salanova, 2013). In contrast to
other studies on job boredom that employed longer
time-lags (6 to 18 months, see Harju et al.,, 2023), we
intentionally chose somewhat shorter lags to better
capture possible dynamics in profiles, while still allowing
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to show potential stability of profiles over several
months. The chosen time-lags should thus be long
enough to assess meaningful change over time but
also short enough to capture fluctuations on the
assessed well-being states.

Given the person-centred focus of the present study,
careful consideration was given to how work-related
well-being indicators were represented in the analyses.
Job boredom was modelled as a unidimensional con-
struct, reflecting its common conceptualization and
measurement in the literature (Schaufeli & Salanova,
2013). Burnout was represented through theoretically
distinct dimensions, in line with the conceptual argu-
ments outlined in the Introduction and with measure-
ment recommendations cautioning against the use of an
overall burnout score when distinct components cap-
ture qualitatively different aspects of the syndrome
(Maslach, 1993; Maslach & Jackson, 1986). Work engage-
ment was modelled as a unidimensional construct cap-
turing overall engagement. This choice was guided by
evidence showing that global engagement scores pro-
vide a reliable representation of overall engaged state
(Schaufeli et al., 2006). Modelling engagement at
a global level allowed for a parsimonious and balanced
representation of well-being indicators in the identifica-
tion of profiles, without disproportionately weighting
constructs assessed using a larger number of
dimensions.

Measures

Sociodemographic controls were assessed in both stu-
dies and included age, gender and job tenure because
prior research shows that these background factors are
related to levels of burnout, job boredom, and work
engagement. For example, older workers often report
lower burnout and higher engagement than younger
employees (Maslach et al.,, 2001), women and men can
experience different patterns of exhaustion and vigour
(Schaufeli & Bakker, 2004), and longer job tenure tends
to buffer against boredom but can also be associated
with plateau effects that influence engagement
(Demerouti et al., 2001). Controlling for these demo-
graphics ensures that observed effects on burnout, bore-
dom, and engagement are not confounded by age,
gender, or tenure.

Job boredom

Job boredom was assessed using two established self-
report instruments to ensure that the results are robust
across commonly adopted operationalizations of job
boredom and to reduce the likelihood that the findings

reflect scale-specific measurement characteristics. In
Sample 1, job boredom was assessed with the Job
Boredom Scale (Van Hooff & van Hooft, 2014) composed
of 5 items rated on a 5-point Likert scale ranging from 1
(never) to 5 (always) (e.g., “l think my work is boring”).
This scale showed good reliability at the two measure-
ment times (Qwave1 =-93; Owavez =.94). In Sample 2, job
boredom was measured with the Dutch Boredom Scale
(DUBS, Reijseger et al., 2013) composed of 6 items rated
on a 7-point Likert scale ranging from 1 (never) to 7
(always) in its French version (Toscanelli et al., 2021).
We removed three items from the original scale since
they referred to coping strategies and antecedents of
job boredom and were deemed inappropriate to repre-
sent the core construct of job boredom, in line with
recent research (Van Hooff & van Hooft, 2014). This
scale showed good reliability at the three measurement
times (Qyavet = -80; Qyaves = .86; Ayaves = -88).

Burnout

Burnout was assessed using two established self-report
instruments corresponding to two complementary con-
ceptualizations of the construct. In Sample 1, burnout
and its three subdimensions were measured with the
General version of the Maslach Burnout Inventory (MBI-GS;
Schaufeli et al., 1996) in its French version (Bocéréan
et al,, 2019). Exhaustion was measured with 5 items
(e.g., "l feel emotionally drained from my work”), cyni-
cism with 5 items (e.g., “I have become more cynical
about whether my work contributes anything”) and
lack of efficiency with 6 items (e.g., | think I'm pretty
efficient in my work”; reversed) rated on a 7-point
Likert scale ranging from 1 (never) to 7 (always). All the
scales and subscales showed acceptable to good relia-
bility at both times of measure, respectively exhaustion
(Owaver = -88; Awave2 =.90), cynicism (Ayaver = -83; Awave2
=.85), and lack of efficiency (Qyave1 = -80; Qyavez =-81).In
Sample 2, burnout and its four subdimensions were
measured with the Burnout Assessment Tool (BAT,
Schaufeli et al., 2020) in its French version (Schaufeli
et al,, 2019). This measure of burnout includes four sub-
dimensions. The first is exhaustion and is measured by 3
items (e.g., “At work, | feel mentally exhausted”).
The second is mental distance and it is measured by 3
items (e.g., “I'm cynical about what my work means to
others"), the two others refer to cognitive (e.g., “At work,
| have trouble staying focused”) and emotional (e.g., “At
work | may overreact unintentionally”) impairment and
were measured with three items each. All the subscales
showed acceptable to good reliability at both times of
measure, respectively exhaustion (Qyaver =.80; Qyave2
=.80; Ayaves =.85), distance (Awave1 =.84; Awave2 =.79;
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Owaves = .85), cognitive impairment (Oyaver = .76; Qwave2
=.80; Owaves =.83), and emotional impairment (Qwaves
=.87; Owave2 = .84; Qyaves = .88).

Work engagement

In both samples, work engagement was measured with
the Utrecht Work Engagement Scale (UWES, Schaufeli
et al., 2006) in its French validation (Zecca et al., 2015)
in its short version, hence in its unidimensional form
(e.g., "At my work, | feel bursting with energy”). The
scale showed good reliability at the two measurement
times (Qwave1 = .86; Owavez = .86), in Sample 1, and at the
three measurement times in Sample 2 (dwaver =.84;
Owave2 = -85; Oyaves = .86).

Job demands and resources

In both samples, working conditions were measured with
the JD-R questionnaire (Bakker, 2014) and the Short
Inventory to Monitor Psychosocial Hazards (SIMPH,
Notelaers et al., 2007). Cognitive demands (e.g., “Does
your work require sustained attention or precision?”)
were assessed with the JD-R questionnaire and were
composed of 3 items. Role conflict (hindering demands,
e.g., “Do you receive contradictory instructions?”) was
assessed with the SIMPH and was composed of 3 items.
Job resources included opportunities to learn (e.g., “Do
you learn new things in your job?”) and autonomy (e.g.,
“Can you determine the order of your tasks by yourself?”)
and were assessed with the respective 3-item subdimen-
sions of the SIMPH. To facilitate completion, the
response scale has been adapted following the SIMPH
rating format. Hence, each item was rated on a 4-point
Likert scale ranging from 1 (always) to 4 (never), with
scores being subsequently reversed. All the scales
showed acceptable to good reliability at both measure-
ment times in Sample 1, respectively role conflict (ayayer
=.71; Qyavez =.70), cognitive demands (Qyave; =.79;
Owavez =.82), learning opportunities (dwaver =.79;
Owave2 =.79), and autonomy (Qyave1 =.70; Owavezr =.73),
and at the three measurement times in Sample 2,
respectively role conflict (Owave1 =.72; Quave2 =.70;
Owaves =.70), cognitive demands (Qwaver =-81; Owave2
=.82; Owaves =.82), learning opportunities (ayaver =.80;
Owave2 = -80; Qyaves =.83) and autonomy (Qyaver =.73;
Owave2 = -74; Qwaves = .74)

Data analytical approach

All analyses of the two studies were conducted using the
robust maximum likelihood estimator (MLR) in MPlus 8.6
(Muthén & Muthén, 2021). Preliminary analyses involved
attrition analyses, factor analyses, and longitudinal

measurement invariances analyses to establish the
equivalence of measures across time points.
Specifically, configural, metric, scalar, and strict invar-
iance were sequentially tested for all profile indicators
and predictors in both samples (see Tables ST and S2 in
the Supplementary Materials). Following guidelines for
conducting latent profile and transition analyses, factor
scores from the most invariant longitudinal models were
retained to ensure comparability between profiles and
studies (e.g., Huyghebaert-Zouaghi et al., 2022). All fac-
tor scores were estimated in standardized units (SD=1;
M =0). Consistent with established guidelines, we used
Full Information Maximum Likelihood (FIML) procedures
to handle missing data in both studies (Newman, 2014).
Attrition was evaluated in each sample following recom-
mended practice (Enders, 2022). We regressed dropout
status (0 =complete, 1=partial) on gender, age, and
tenure using logistic regression, and compared baseline
means of profile indicators (i.e., boredom, burnout
dimensions, and engagement) between complete and
partial respondents with independent-samples t-tests.
None of the demographic variables predicted attrition
(ps >.05) and profile indicators did not differ between
complete and partial respondents (ps >.05). These find-
ings suggest that missingness can be treated as missing
at random and support the use of FIML in subsequent
models.

Latent profile analyses (LPA)

We used LPA to identify latent subpopulations, called
profiles, of participants which are characterized by dis-
tinct configurations on a specific set of indicators (Spurk
et al., 2020). Compared to classical clustering techniques,
LPA and mixture models are probabilistic in nature as
each participant is assigned a probability of member-
ship. This specificity accounts for classification errors of
participants into profiles and allows to incorporate ante-
cedents and consequences in a flexible and longitudinal
framework.

Time-specific LPA models were estimated using the
well-being factors as indicators, that is, job boredom,
exhaustion, cynicism, lack of efficiency, and work
engagement in Sample 1, and job boredom, exhaustion,
mental distance, cognitive impairment, emotional
impairment, and work engagement in Sample 2. LPA
models including 1 to 8 profiles were estimated with
the means and variances allowed to be freely estimated,
using 5000 sets of random start values with final stage
optimization being conducted on the 200 best solutions.
These parameters were adapted to 10,000 and 500 for
longitudinal and latent transition analyses.
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Model comparison and selection

The comparison and selection of LPA models rely on
statistical and theoretical grounds, ensuring that the
profiles are parsimonious, statistically proper, make
sense theoretically, carry substantive meaning, and are
not redundant (Spurk et al., 2020). The best profile solu-
tions should display lower values on several fit statistics:
the Akaike Information Criterion (AIC), the Consistent
AIC (CAIQ), the Bayesian Information Criterion (BIC), and
the sample-size adjusted BIC (SABIC). Profile solutions
should also display entropy values greater than .70.
Given the dependency of LPA to sample size, it is recom-
mended to carefully analyse these fit statistics individu-
ally but also to look at their overall graphical pattern and
the possible identification of a plateau in the decrease of
these indicators, suggesting that adding profiles does
not yield additional information and helping to identify
the optimal solution.

Longitudinal test of profile similarity

Following time-specific LPA models, longitudinal LPA
models were then estimated, and longitudinal tests of
profile similarity were carried out (Morin & Litalien, 2017;
Morin et al., 2016). Longitudinal tests of profile similarity
follow a sequential approach by increasingly placing
equality constraints and test (a) whether the same pro-
files emerge across measurement points (configural
similarity), (b) the equivalence of within-profile means
(structural similarity), (c) the equivalence of within-
profile variances (dispersion similarity), (d) and the
equivalence of within-profile sizes (distributional similar-
ity). Similarity models were retained when at least two of
the Consistent Akaike Information Criterion (CAIC),
Bayesian Information Criterion (BIC), and Sample-size
Adjusted Bayesian Information Criterion (SABIC) indices
decreased compared to the previous models (Morin
et al, 2016).

Latent transition analyses (LTA)

Following the identification of the best profile similarity
model, we investigated the within-person stability in,
and transitions across, profiles by conducting LTA mod-
els. These models were specified using the manual
three-step approach (Asparouhov & Muthén, 2014; see;
Morin & Litalien, 2019 for a technical description). Next,
we tested the relations between predictors and profile
stability and transitions, and whether these relations
remained stable over time (i.e., predictive similarity).
First, we estimated a model in which predictors were
freely estimated and allowed to predict both time-

specific profile membership and profile transitions over
time. Second, we estimated a model in which predictors
were allowed to predict time-specific profile member-
ship only. Finally, a model of predictive similarity was
estimated and constrained the influence of predictors to
be the same across measurement points.

Results
Descriptives

The descriptive statistics, reliability coefficients, and
bivariate correlations for Sample 1 and Sample 2 are
reported in the supplementary material in Tables S1
and S2, respectively, and show meaningful and theore-
tically consistent relationships across constructs in both
samples.

Identifying boredom-engagement-burnout profiles

Concerning Sample 1, the statistical indices associated
with each of the time-specific LPA solutions are reported
in Table S5 and are graphically illustrated in Figures S1
and S2. Fit indices continuously decreased up to the
eighth solution but, at both measurement points, there
seemed to be a plateau around the fifth profile.
Solutions including four to five profiles were thus exam-
ined in detail. This examination revealed that adding
profiles resulted in a meaningful contribution to the
solution up to five profiles (i.e., each additional profile
presented a well-differentiated and meaningful shape)
but adding a profile from 5 to 6 profiles added no addi-
tional information, whether from a qualitative (e.g.,
shape) or quantitative (e.g., mean levels) point of view.
Hence, the five-profiles solution was retained based on
fit criteria and interpretability at both measurement
points.

Concerning the longitudinal test of profiles similarity
in Sample 1, the fit indices from all longitudinal models
are reported in Table 1.

Starting with a model of configural similarity includ-
ing five profiles at each time point, equality constraints
were progressively integrated. The second model of
structural similarity, constraining the mean levels of pro-
file indicators to be the same across time, and the third
model of dispersion similarity, constraining the within-
profile variances to be equal over time, resulted in lower
BIC and CAIC values, and was thus supported by the
data. However, the model of distributional similarity
yielded in higher fit indices values and the dispersion
similarity model was retained as the best description of
the data. This model is graphically represented in
Figure 1, and detailed parameter estimates from this
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Table 1. Sample 1 longitudinal test of profile similarity: 5 profiles.

Model LL #fp Scaling AIC CAIC BIC SABIC Entropy
Latent Profile analysis: 5 Profiles

Configural Similarity —6120.273 108 1.036 12456.546 13057.747 12949.747 12606.821 0.877
Structural Similarity —6188.770 83 1.121 12543.540 13005.574 12922.574 12659.028 0.879
Dispersion Similarity —-6249.370 58 1.116 12614.741 12937.608 12879.608 12695.443 0.876
Distributional Similarity —6265.970 54 1.181 12639.939 12940.540 12886.540 12715.076 0.886
Latent transition analysis with predictors

Null Effects Model —5356.521 186 1.6736 11085.042 12120.443 11934.443 11343.847 0.935
Free Relations with Predictors —5401.184 106 1.5287 11014.368 11604.435 11498.435 11161.859 0.930
Equal Relations with Predictors —5408.572 90 1.5154 10997.144 11498.144 11408.144 11122372 0.928

Note. LL: Model loglikelihood; #fp: Number of free parameters; Scaling: Scaling correction factor associated with robust maximum likelihood estimates; AIC:
Akaike information criteria; CAIC: Constant AIC; BIC: Bayesian information criteria; and ABIC: Sample size adjusted BIC.

model are reported in Tables S6. In Sample 1, the five-
profile solution is depicted in Figure 1 and is composed
as follows.

Profile 1 (30.98%r7ime1, 34.00%rtime2) represents aver-
age levels on all the indicators and is labelled average
profile. Profile 2 (12.34%rime1, 12.52%Time2) represents
strongly low levels of work engagement, strongly high
levels of cynicism and boredom, high levels of exhaus-
tion and lack of efficiency. This profile is labelled burned
out, cynical and bored profile. Profile 3 (11.84%rimer,
2.88%rtime2) represents high levels of work engagement,
low cynicism and boredom, relatively low exhaustion
and lack of efficiency. This profile is labelled engaged
profile. Profile 4 (18.34%rime1, 22.28%time2) is similar to
profile 3, but differs in terms of the intensity on the

indicators. It is labelled relatively engaged profile.
Finally, profile 5 (26.51%rtime1, 28.32%7ime2) represents
especially relatively high cynicism, with average-high
exhaustion, lack of efficiency and boredom, average-
low engagement. This profile is labelled relatively burned
out, cynical and bored.

Concerning Sample 2, the statistical indicators asso-
ciated with each of the time-specific LPA solutions are
reported in Table S7 of the supplementary material and
are graphically illustrated in Figures S3 to S5 in the
supplementary material. Following these results, solu-
tions including four to five profiles were thus examined.
This examination revealed that adding profiles resulted
in a meaningful contribution to the solution up to five
profiles (i.e., each additional profile presented a well-
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Figure 1. Result of the LTA without starts in Sample 1. For easier interpretation, the graph is based on z scores. Profile 1 = average
profile; Profile 2 = burned out, cynical and bored profile; Profile 3 = engaged profile; Profile 4 = relatively engaged profile; Profile 5 =

relatively burned out, cynical and bored profile.
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differentiated and meaningful shape). Hence, the five
profiles was retained based on fit criteria and interpret-
ability and could be replicated in the three measurement
points. Concerning the longitudinal test of profiles simi-
larity in Sample 2, the fit indices from all longitudinal
models are reported in Table 2.

Starting with a model of configural similarity includ-
ing five profiles per time point, equality constraints were
progressively integrated. The second model of structural
similarity resulted in lower BIC and CAIC values and was
thus supported by the data. Likewise, the dispersion and
distributional similarity of the solution was also sup-
ported by the data, resulting in lower BIC, SABIC, and
CAIC values. The model of distributional similarity was

This model is graphically represented in Figure 2, and
detailed parameter estimates from this model are
reported in Tables S8 in the supplementary material.
Although profile proportions were constrained to be
equal across time in the retained distributional similarity
model, small variations in the time-specific percentages
reflect posterior classification summaries rather than
model-implied class proportions. In Sample 2, the
retained five-profile solution is depicted in Figure 2 and
was composed as follows.

Profile 1 shows very high mental distance and job
boredom, very low engagement, relatively high exhaus-
tion, and cognitive and emotional impairment. This pro-
file is labelled burned out, cynical and bored profile

thus retained for interpretation and further analyses. (16.76%7ime1, 18.32%7ime2, 18.61%rtime3). Profile 2
Table 2. Sample 2 longitudinal test of profile similarity: 5 profiles.
Model LL #fp Scaling AIC CAIC BIC SABIC Entropy
Latent Profile analysis: 5 Profiles
Configural Similarity -6699.170 192 1.1582 13782.033 14727.490 14535.490 13926.328 0.881
Structural Similarity —6768.694 132 1.3321 13801.387 14451.390 14319.389 13900.590 0.860
Dispersion Similarity —6813.900 72 22043 13771.800 14126.350 14054.346 13825911 0.852
Distributional Similarity -6816.654 64  2.4888 13761.309 14076.460 14012.461 13809.407 0.851
Latent transition analysis with predictors
Null Effects Model —5841.895 312 0.7157 12307.790 13844.158 13532.158 12542.269 0.966
Free Relations with Predictors Non-convergence
Equal Relations with Predictors -5909.538 120 1.5524 12059.075 12649.986 12529.986 12149.259 0.963

Note. LL: Model loglikelihood; #fp: Number of free parameters; Scaling: Scaling correction factor associated with robust maximum likelihood estimates; AIC:
Akaike information criteria; CAIC: Constant AIC; BIC: Bayesian information criteria; and ABIC: Sample size adjusted BIC.
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Figure 2. Result of the LTA with starts in Sample 2. For easier interpretation, the graph is based on z scores. Cog. Def. = cognitive
impairment; Em. Def. = emotional impairment. Profile 1 =burned out, cynical and bored profile; Profile 2 = engaged profile; Profile
3 =relatively burned out, cynical and bored profile; Profile 4 = averagely bored and engaged profile; Profile 5 = engaged, exhausted

and emotionally impaired profile.
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Table 3. Transition probabilities/odds and 95% Cl for the odds (in parentheses) across profiles in Sample 1.

Profile 3 T2

Profile 4 T2

Profile 5 T2

Profile 1 T2 Profile 2 T2
Profile 1 T1 0.938/ 1.00 (1.00, 1.00) 0.000/0.00 (0.00, 0.00)
Profile 2 T1 0.004/ 0.00 (0.00,108.57) 0.959/1.00 (1.00, 1.00)
Profile 3T1  0.133/0.99 (0.16, 6.10) 0.000/0.00 (0.00, 0.00)
Profile 4 T1 0.182/ 0.25 (0.08, 0.81) 0.000/0.00 (0.00, 0.00)
Profile 5 T1 0.000/ 0.00 (0.00, 0.00) 0.026/0.03 (0.01, 0.09)

0.006/0.01 (0.00, 0.13)
0.000/0.00 (0.00, 0.00)

0.135/1.00 (1.00, 1.00)
0.054/0.07 (0.02, 0.23)
0.004/0.00 (0.00, 0.08)

0.004/0.00 (0.00, 3.43)
0.019/0.02 (0.00, 0.25)

0.732/5.44 (2.12, 13.94)

0.723/1.00 (1.00, 1.00)
0.000/0.00 (0.00, 0.00)

0.053/0.06 (0.02, 0.16)
0.018/0.02 (0.00, 0.16)
0.000/0.00 (0.00, 0.00)
0.041/0.06 (0.02, 0.17)
0.970/1.00 (1.00, 1.00)

Note. Significant results are depicted in bold. Profile 1 = average profile; Profile 2 = burned out, cynical and bored profile; Profile 3 = engaged profile; Profile 4 =
relatively engaged profile; Profile 5 = relatively burned out, cynical and bored profile.

represents high levels of work engagement, low levels of
boredom and burnout (21.54%imer, 21.13%7ime2s
21.13%rimes). This profile is labelled engaged profile.
Profile 3 shows relatively high levels of boredom, aver-
age high burnout, average low engagement. This profile
is labelled relatively burned out, cynical and bored
(18.67%7ime1, 20.19%7ime2, 20.22%7Times). Profile 4 shows
relatively low exhaustion and emotional impairment,
average-low distance and cognitive impairment, aver-
age boredom and engagement. This profile is labelled
averagely bored and engaged (20.94%rime1, 21.10%7ime2,
20.77%rtimes)- Profile 5 shows relatively high emotional
impairment and engagement, relatively low boredom,
average-low distance, average-high exhaustion. This
profile is labelled engaged, exhausted and emotionally
impaired (22.08%time1, 19.27%time2, 19-27%7imes)-

These results are in line with Hypotheses 1 and 2.
However, Hypothesis 3 was partially confirmed. In fact,
a profile characterized by high levels of engagement and
exhaustion emerged only in Sample 2 (Profile 5).

Transitions

Concerning Sample 1, Table 3 shows the results of the
latent transition analysis. Results show that, except for
Profiles 3 and 4, employees have higher probability to
stay in the same profile over time than to transition to
other profiles. However, results showed significant prob-
abilities of transition for different profiles over time.
Participants in the average profile had 1% and 5% of
probability to transition to Profile 3 (engaged profile)
and Profile 5 (relatively burned out, cynical and bored)
respectively. Participants in Profile 2 (burned out, cynical
and bored profile) had 2% of probability to transition to
Profile 4 (relatively engaged profile) and Profile 5

(relatively burned out, cynical and bored) respectively.
Participants in Profile 3 (engaged profile) were more
likely to transition to Profile 4 relatively engaged profile
(73% of probability). However, participants in Profile 4
(relatively engaged profile) had 18% of probability to
transition to Profile 1 (average profile), 5% to Profile 3
(engaged profile) and 4% Profile 5 (relatively burned out,
cynical and bored). Finally, participant in Profile 5 (rela-
tively burned out, cynical and bored) had 3% of probabil-
ity to transition to Profile 2 (burned out, cynical and bored
profile).

Latent transition analyses in Sample 2, results are
depicted in Tables 4 and 5. In contrast to the results of
Sample 1, the results of Sample 2 show that except for
minor changes, employees have a higher probability to
stay in the same profile over time than to transition to
other groups.

These results confirm Hypotheses 4 and 5 in both
samples. In fact, within-sample stability has been con-
firmed in both samples, while within-person stability has
been shown to be high in Sample 2, and moderate in
Sample 1.

Examining the associations between profile
membership and work characteristics

Table 6 shows the odds ratio of probabilities for different
profiles under the effect of covariates in Sample 1, while
Table 7 shows the odds ratio of probabilities for different
profiles under the effect of covariates in Sample 2.
Hypothesis 6a was only partially supported. In both
samples, cognitive demands positively predicted mem-
bership in profiles characterized by high burnout but
also by high boredom and low work engagement. In
fact, cognitive demands positively predicted

Table 4. Time 1 to time 2 transition probabilities/odds and 95% Cl for the odds (in parentheses) across profiles in Sample 2.

Profile 1 T2 Profile 2 T2 Profile 3 T2 Profile 4 T2 Profile 5 T2
Profile 1 T1 0.894/ 1.00 (1.00, 1.00) 0.000/ 0.00 (0.00, 0.00) 0.058/ 0.10 (0.00, 0.20) 0.048/ 0.10 (0.00, 0.20) 0.000/ 0.00 (0.00, 0.00)
Profile 2 T1 0.000/ 0.00 (0.00, 0.00) 0.931/ 1.00 (1.00, 1.00) 0.023/ 0.00 (0.00, 0.10) 0.045/ 0.00 (0.00, 0.20) 0.000/ 0.00 (0.00, 0.00)
Profile 3 T1 0.136/ 0.20 (0.10, 0.40) 0.000/ 0.00 (0.00, 0.00) 0.802/ 1.00 (1.00, 1.00) 0.033/ 0.00 (0.00, 0.40) 0.029/ 0.00 (0.00, 0.20)
Profile 4 T1 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.107/ 0.10 (0.00, 0.30) 0.893/ 1.00 (1.00, 1.00) 0.000/ 0.00 (0.00, 0.00)
Profile 5 T1 0.036/ 0.00 (0.00, 0.10) 0.049/ 0.01 (0.00, 0.20) 0.068/ 0.10 (0.00, 0.20) 0.000/ 0.00 (0.00,0.00) 0.848/ 1.00 (1.00, 1.00)

Note. Significant results are depicted in bold. Profile 1 =burned out, cynical and bored profile; Profile 2 = engaged profile; Profile 3 =relatively burned out,
cynical and bored profile; Profile 4 = averagely bored and engaged profile; Profile 5 = engaged, exhausted and emotionally impaired profile.
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Table 5. Time 2 to time 3 transition probabilities/odds and 95% Cl for the odds (in parentheses) across profiles in Sample 2.

Profile 1 T3 Profile 2 T3 Profile 3 T3 Profile 4 T3 Profile 5 T3
Profile 1 T2 1.000/ 1.00 (1.00, 1.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00)
Profile 2 T2 0.000/ 0.00 (0.00, 0.00) 1.000/ 1.00 (1.00, 1.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00)
Profile 3 T2 0.015/ 0.02 (0.00,1.12) 0.000/ 0.00 (0.00, 0.00) 0.985/ 1.00 (1.00, 1.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ / 0.00 (0.00, 0.00)
Profile 4 T2 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.016/ 0.02 (0.002,0.130) 0.984/ 1.00 (1.00, 1.00) 0.000/ / 0.00 (0.00, 0.00)
Profile 5 T2 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 0.000/ 0.00 (0.00, 0.00) 1.000/ 1.00 (1.00, 1.00)

Significant results are depicted in bold. Profile 1 = burned out, cynical and bored profile; Profile 2 = engaged profile; Profile 3 = relatively burned out, cynical
and bored profile; Profile 4 = averagely bored and engaged profile; Profile 5 = engaged, exhausted and emotionally impaired profile.

membership in high boredom profiles in Sample 1 and
increased the probability of belonging to Profile 2
(burned out, cynical and bored profile) compared to
Profile 1 (average profile). In Sample 2, results indicated
that higher cognitive demands increased the probability
of belonging to Profile 1 (burned out, cynical, and bored)
compared to other profiles.

Consistently with Hypothesis 6b, in both samples, role
conflict positively predicted membership in less favour-
able profiles (i.e., high burnout, high boredom and low
work engagement profiles). In Sample 1, higher levels of

role conflict increased the probability of belonging to
Profile 5 (relatively burned out, cynical and bored) com-
pared to Profile 1 (average profile), 3 (engaged profile),
and 4 (relatively engaged profile). Moreover, higher levels
of role conflict increased the probability of belonging to
Profile 4 (relatively engaged profile) compared to Profile 3
(engaged profile). Then, higher levels of role conflict
increased the probability of belonging to Profile 2
(burned out, cynical and bored profile) compared to
Profile 1 (average profile), 3 (engaged profile) and 4 (rela-
tively engaged profile). Finally, higher levels of role

Table 6. Results from predictive analysis in Sample 1 - predictors of the profiles.

Predictor variable Compared profile Coeff (SE) Odds ratio 95% Cl
Cognitive demands 2vs1 0.468% (.24) 1.596 [1.006, 2.534]
3vs1 0.294 (.21) 1.342 [0.885, 2.035]
4vs1 0.119 (.15) 1.126 [0.842, 1.506]
5vs1 0.207 (.14) 1.230 [0.932, 1.622]
3vs2 -0.174 (.31) 0.841 [0.455, 1.552]
4vs 2 —0.349 (.27) 0.705 [0.418, 1.190]
5vs2 —0.261 (.23) 0.770 [0.489, 1.215]
4vs3 —0.175 (.23) 0.839 [0.537, 1.310]
5vs3 —0.087 (.24) 0916 [0.568, 1.477]
5vs4 0.088 (.18) 1.092 [0.774, 1.541]
Role conflict 2vs 1 0.919%** (.25) 2.507 [1.543, 4.075]
3vs1 —1.246%** (.25) 0.288 [0.177, 0.468]
4vs1 —0.615%* (.20) 0.541 [0.366, 0.799]
5vs1 0.847*** (.20) 2.332 [1.580, 3.442]
3vs2 —2.165%*** (.32) 0.115 [0.061, 0.216]
4vs 2 —1.534%** (.28) 0.216 [0.125, 0.372]
5vs2 —0.072 (.20) 0.930 [0.633, 1.366]
4vs3 0.631** (.23) 1.880 [1.199, 2.949]
5vs3 2.093*** (.29) 8.110 [4.635, 14.187]
5vs4 1.462%** (.23) 4313 [2.739, 6.792]
Autonomy 2vs1 0.497 (.33) 1.644 [0.860, 3.143]
3vs1 —0.118 (.19) 0.889 [0.608, 1.299]
4vs1 —0.058 (.17) 0.944 [0.668, 1.334]
5vs1 0.138 (.17) 1.148 [0.830, 1.590]
3vs2 -0.615 (.37) 0.541 [0.264, 1.108]
4vs 2 —0.555 (.35) 0.574 [0.290, 1.137]
5vs2 —0.359 (.30) 0.698 [0.390, 1.252]
4vs3 0.060 (.19) 1.062 [0.734, 1.536]
5vs3 0.256 (.23) 1.292 [0.832, 2.006]
5vs4 0.196 (.20) 1.217 [0.828, 1.789]
Learning Opp. 2vs 1 —3.084*** (,61) 0.046 [0.014, 0.152]
3vs1 1.648%** (.30) 5.198 [2.881, 9.379]
4vs1 0.965%** (.21) 2.626 [1.736, 3.972]
5vs1 —1.158%** (.20) 0.314 [0.211, 0.469]
3vs2 4.732%** (,69) 113.513 [29.318, 439.500]
4vs 2 4,049%** (.66) 57.348 [15.831, 207.747]
5vs2 1.926%* (.56) 6.861 [2.286,20.590]
4vs3 —0.683* (.29) 0.505 [0.289, 0.883]
5vs3 —2.806%** (.34) 0.060 [0.031, 0.117]
5vs4 —2.123%** (.27) 0.120 [0.071, 0.201]

Note. Learning Opp. refer to learning opportunities. Profile 1 = average profile; Profile 2 = burned out, cynical and bored profile;

Profile 3 = engaged profile; Profile 4 = relatively engaged profile; Profile 5 = relatively burned out, cynical and bored profile.
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Table 7. Results from predictive analysis in Sample 2 - predictors of the profiles.

Predictor variable Compared profiles Coeff (SE) QOdds ratio 95% Cl
Cognitive demands 2vs1 —0.834** (.31) 0.434 [0.237, 0.794]
3vs1 —0.549* (.25) 0.577 [0.352, 0.946]
4vs1 —0.730%* (.28) 0.482 [0.280, 0.830]
5vs1 —0.628* (.32) 0.534 [0.285, 1.000]
3vs2 0.285 (.24) 1.329 [0.834, 2.119]
4vs2 0.104 (.21) 1.109 [0.729, 1.687]
5vs2 0.206 (.25) 1.229 [0.757, 1.997]
4vs3 —0.181 (.20) 0.834 [0.560 1.244]
5vs3 —0.078 (.25) 0.925 [0.572, 1.494]
5vs 4 0.103 (.27) 1.108 [0.656, 1.872]
Role conflict 2vs1 —2.391*** (36) 0.092 [0.045, 0.186]
3vs1 —0.490 (.27) 0.613 [0.363, 1.035]
4vs1 —1.740%** (.30) 0.176 [0.098, 0.316]
5vs1 —0.576 (.34) 0.562 [0.291, 1.087]
3vs2 1.901*** (.32) 6.692 [3.547, 12.623]
4vs2 0.651* (.28) 1.917 [1.105, 3.327]
5vs2 1.815%** (.33) 6.140 [3.221, 11.706]
4vs3 —1.250%** (.25) 0.287 [0.176, 0.466]
5vs3 —0.086 (.30) 0.918 [0.506, 1.664]
5vs 4 1.164*** (30) 3.202 [1.772, 5.785]
Autonomy 2vs1 —1.011** (.34) 0.364 [0.187, 0.710]
3vs1 —0.112 (.26) 0.894 [0.537, 1.488]
4vs1 —0.481 (.31) 0.618 [0.336, 1.138]
5vs1 —-0.624 (.32) 0.536 [0.285, 1.009]
3vs2 0.898** (.28) 2455 [1.424, 4.234]
4vs 2 0.529% (.24) 1.698 [1.059, 2.722]
5vs2 0.387 (.26) 1.472 [0.886, 2.445]
4vs3 —0.369 (.24) 0.692 [0.431, 1.111]
5vs3 —0.511% (.24) 0.600 [0.372, 0.967]
5vs 4 —0.143 (.25) 0.867 [0.528, 1.425]
Learning Opp. 2vs1 3.812%** (47) 45.235 [18.088, 113.123]
3vs1 1.728%** (.33) 5.632 [2.961, 10.710]
4vs1 2.880%** (.43) 17.821 [7.701, 41.240]
5vs1 3.133%** (47) 22935 [9.155, 57.457]
3vs2 —2.084*** (34) 0.124 [0.064, 0.243]
4vs2 —0.932%* (.32) 0.394 [0.213, 0.730]
5vs2 —-0.679% (.33) 0.507 [0.264, 0.972]
4vs3 1.152%** (.30) 3.164 [1.761, 5.686]
5vs3 1.404*** (32) 4.072 [2.167, 7.654]
5vs4 0.252 (.34) 1.287 [0.661, 2.506]

Note. Profile 1=burned out, cynical and bored profile; Profile 2 = engaged profile; Profile 3 =relatively burned out, cynical and
bored profile; Profile 4 = averagely bored and engaged profile; Profile 5 = engaged, exhausted and emotionally impaired profile.

conflict increased the probability of belonging to Profile
1 (average profile) compared to Profile 3 (engaged pro-
file), and 4 (relatively engaged profile). In Sample 2, higher
levels of role conflict were associated with an increased
likelihood of belonging to Profile 3 (relatively burned out,
cynical, and bored) and Profile 5 (engaged, exhausted, and
emotionally impaired) compared to Profiles 2 (engaged)
and 4 (averagely bored and engaged). Similarly, higher
levels of role conflict increased the probability of belong-
ing to Profile 4 (averagely bored and engaged) compared
to Profile 2 (engaged).

Results concerning autonomy did not support our
Hypothesis 7a, which stated that autonomy would pre-
dict membership in profiles characterized by low burn-
out, boredom and high work engagement. In fact, in
Sample 1, no significant result was found in support of
this hypothesis. Moreover, in Sample 2, higher auton-
omy increased the likelihood of belonging to Profile 1
(burned out, cynical, and bored) compared to Profile 2
(engaged) as well as to Profile 3 (relatively burned out,

cynical, and bored) compared to Profiles 2 (engaged) and
5 (engaged, exhausted, and emotionally impaired).
Autonomy also increased the probability of belonging
to Profile 4 (averagely bored and engaged) compared to
Profile 2 (engaged).

Consistently with Hypothesis 7b, in both samples,
learning opportunities predicted membership in profiles
characterized by lower boredom. In Sample 1, the ana-
lysis showed that higher learning opportunities
increased the probability of belonging to Profile 5 (rela-
tively burned out, cynical and bored) compared to Profile
2 (burned out, cynical and bored profile). Moreover,
higher learning opportunities increased the probability
of belonging to Profile 4 (relatively engaged profile) com-
pared to Profile 1 (average profile), to Profile 2 (burned
out, cynical and bored profile) and to Profile 5 (relatively
burned out, cynical and bored). Then, higher learning
opportunities have shown to increase the probability
of belonging to Profile 3 (engaged profile) compared to
all the other profiles. Finally, higher learning
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opportunities increased the probability of belonging to
Profile 1 (average profile) compared to Profile 2 (burned
out, cynical and bored profile, and 5 (relatively burned out,
cynical and bored). In Sample 2, higher learning oppor-
tunities, increased the likelihood of belonging to Profile
2 (engaged) compared to all other profiles. Learning
opportunities also increased the probability of belong-
ing to Profile 3 (relatively burned out, cynical, and bored)
compared to Profile 1 (burned out, cynical, and bored),
and of belonging to Profile 4 (averagely bored and
engaged) compared to Profiles 1 (burned out, cynical,
and bored) and 3 (relatively burned out, cynical, and
bored). Finally, learning opportunities increased the like-
lihood of belonging to Profile 5 (engaged, exhausted, and
emotionally impaired) compared to Profiles 1 (burned out,
cynical, and bored) and 3 (relatively burned out, cynical,
and bored).

Discussion

The present research aimed to investigate the co-
occurrence of job boredom, burnout, and work engage-
ment, as well as their links with job demands and
resources using a person-centred longitudinal approach
in two samples. We identified multiple well-being pro-
files - each defined by distinct combinations of bore-
dom, burnout, and engagement — and assessed their
temporal stability and links with job demands and
resources. Our results demonstrate that boredom, burn-
out, and engagement co-occur in complex patterns,
confirming established models and uncovering new
dynamics in how boredom relates to burnout and
engagement over time. This extends previous literature
by offering a more detailed mapping of how these con-
structs interact longitudinally, beyond static relations.

Several key findings were replicated across Sample 1
and Sample 2 - using different measurement scales for
boredom and burnout constructs - thus reinforcing their
robustness. In both studies at least one profile emerged
with high work engagement and low job boredom and
burnout dimensions, and another with low engagement
and high boredom and burnout scores. This confirmed
the presence of traditional profiles in line with the Warr
(1990) model of well-being, adapted by Harju and col-
leagues (2014), which conceptualizes boredom and
burnout as distinct yet interrelated constructs, posi-
tioned at the opposite end of the well-being spectrum
from engagement. However, beyond those traditional
profiles, both samples revealed intermediate well-being
profiles that underscore the multidimensional nature of
workplace experience.

Findings from Sample 1 highlighted profiles charac-
terized by low levels of burnout and job boredom and

high levels of work engagement, although showing dif-
ferent intensities. Moreover, the identification of
a profile with moderate levels of job boredom, burnout,
and engagement confirms that these states are not
always experienced in extreme forms. Notably, in
Sample 2, a profile characterized by relatively high job
boredom, above-average burnout, and below-average
engagement suggests that boredom and burnout
might exist along a spectrum rather than as distinct
categories. This supports research suggesting that well-
being at work is multidimensional and does not always
fit into binary engaged-vs.-burned-out distinctions
(Timms et al., 2012).

The findings also support the idea that boredom and
burnout are highly intertwined experiences. Following
Martela’s (2025) theoretical framework and concerning
the overlap between constructs in perceived well-being,
it is plausible to consider, on the one hand, that the
conative experience of burnout might be tinged with
the affective experience of job boredom. On the other
hand, these findings strengthen the idea that the affec-
tive experience of job boredom may be closely asso-
ciated with more stable conative negative well-being
states such as burnout. The results of this study also
highlighted a strong link between boredom and cyni-
cism in the two samples through the coexistence of job
boredom and cynicism in multiple profiles. When look-
ing closely at the burnout configurations and job bore-
dom in the profiles found in both samples, levels of job
boredom and cynicism exhibit similar levels and pat-
terns. Particularly the observed combination of low
boredom with exhaustion shows that boredom and
exhaustion can diverge. When burnout dimensions are
considered, job boredom is more closely tied to cynicism
than to other burnout dimensions. These results may
indicate that job boredom is more strongly tied to the
cognitive and meaning-related dimensions of burnout
(e.g., detachment) than to its emotional or energetical
components, and highlights cynicism as the key burnout
facet to examine in relation to job boredom, echoing
earlier evidence of their close association (e.g., Toscanelli
et al.,, 2024; Westgate & Wilson, 2018).

In some instances, the results did not confirm our
expectations. A profile characterized by high burnout
and work engagement and low job boredom did not
consistently appear across samples. This challenges pre-
vious findings suggesting that employees can be simul-
taneously highly engaged and exhausted (e.g., Salmela-
Aro et al., 2019). However, in Sample 2, a profile emerged
with relatively high work engagement, relatively high
exhaustion and emotional impairment, but relatively
low boredom, thus adding evidence to the literature
showing that work engagement and exhaustion can co-
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exist (Salmela-Aro et al.,, 2019). This suggests that some
employees remain engaged despite experiencing emo-
tional strain, and that engagement and exhaustion can
co-exist under certain conditions, especially when
employees remain highly invested in their work (Timms
et al,, 2012). The absence of this profile in Sample 1 may
suggest that exhaustion may be more of a limiting factor
for engagement in shorter-term studies, while over
longer periods, engagement and exhaustion may co-
develop in certain workers, in line with longitudinal
evidence indicating that engagement can be sustained
over time alongside exhaustion (Lehtiniemi et al., 2024).

Regarding the within-sample and within-person sta-
bility of profile configurations, the five-profile solution
identified at each measurement point was stable and
interpretable, confirming that different well-being
experiences at work persist over time. In both samples,
within-sample stability has been confirmed, in line with
the existing literature (Harju et al., 2023; Lehtiniemi et al.,
2024). While burnout and work engagement have
shown stability over time in other studies (e.g.,
Makikangas et al., 2016), our study extends these find-
ings by supporting the idea that although job boredom
is a transient experience at its core, it can be a stable
experience. However, for profiles with similar shapes but
different levels of intensities the transitions from one
profile to another were high (around 75%), suggesting
that employees might experience a change in the inten-
sity of these experiences but not in the pattern.
Interestingly, for a minority in Sample 2 a transition
from the averagely bored and engaged profile towards
the burned-out, cynical, and bored profile was observed.
This advances our understanding of job boredom by
suggesting that moderate boredom can, over time,
develop into more severe disengagement if left unad-
dressed. These findings further confirm that job bore-
dom should not be dismissed as a temporary or
insignificant experience but rather as a psychological
state that may escalate into more serious well-being
negative states, thus adding evidence to the current
literature on this topic (e.g., Harju et al., 2023)

Finally, in both samples, role conflict was strongly
associated with profiles characterized by burnout and
boredom. This aligns with prior research showing that
hindering demands fuel disengagement and mental
exhaustion and contribute to both burnout and bore-
dom (Demerouti & Bakker, 2023; Harju et al., 2023).
However, unexpectedly, in both samples, cognitive
demands increased the probability of belonging to the
burned-out, cynical, and bored profile rather than the
engaged profile. This contradicts the assumption that
challenge demands may reduce boredom (Harju et al.,
2023). Instead, it suggests that certain challenge

demands may become overwhelming, leading employ-
ees to experience both stress and detachment from
work, in line with the Job Demands-Resources model
(JD-R, Bakker & Demerouti, 2007; Schaufeli & Bakker,
2004) positively linking job demands and strain and
corresponding new developments on the challenge-
hindrance stressors framework (see Podsakoff et al.,
2023). Finally, following the literature (Demerouti &
Bakker, 2023; Roskova & Faragovd, 2020), challenge
stressors should relate positively to both strain and
engagement at the same time. The results of our study
do not confirm this assumption. Higher cognitive
demands increased the probability of belonging to pro-
files characterized by high levels of burnout but not to
profiles characterized by high engagement in both sam-
ples. This contributes to the literature by challenging
assumptions related to challenge and hindrance
demands (e.g., Demerouti & Bakker, 2023).

Results concerning job resources were mostly as
expected, in both samples. Learning opportunities pre-
dicted membership in the engaged profile and the rela-
tively engaged profile, confirming their protective role
against boredom (Reijseger et al., 2013; Toscanelli et al.,
2021). However, in Sample 2, higher autonomy was
associated with boredom-related profiles rather than
engagement, suggesting that autonomy alone is insuffi-
cient to prevent boredom. In fact, autonomy without
sufficient challenge-related resources may leave
employees solely responsible for structuring their work,
which may increase a sense of understimulation. This
finding supports the idea, in line with previous studies
(Toscanelli et al., 2021), that resources providing stimula-
tion and developmental opportunities may be more
effective in counteracting boredom than autonomy.
Notably, learning opportunities were also linked to the
relatively burned-out and emotionally impaired profile,
indicating that even beneficial resources may not fully
prevent exhaustion in demanding work environments.
Particularly, this result suggests that resources fostering
learning and competence development may entail cog-
nitive and emotional investment. While such resources
stimulate personal growth and development (Demerouti
et al.,, 2001), they may simultaneously involve sustained
mental effort, which can contribute to exhaustion in
demanding work contexts. This pattern underscores
that learning opportunities can be protective against
boredom while co-occurring with strain-related
outcomes.

In sum, the present research makes several contribu-
tions to the literature on work-related well-being. First,
by adopting a longitudinal person-centred approach,
this study advances understanding of job boredom by
demonstrating how it co-occurs with burnout and work
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engagement in distinct and stable well-being configura-
tions over time. In doing so, it clarifies the conceptual
positioning of job boredom within broader well-being
frameworks, highlighting its close alignment with cyni-
cism and mental distance rather than with exhaustion
alone. Second, the identification of multiple longitudinal
profiles and their transitions extends existing research
by showing that boredom, burnout, and engagement
can combine in nuanced ways that primarily vary in
intensity rather than in qualitative pattern and supports
a holistic view of workplace well-being. Finally, by exam-
ining job demands and resources as predictors of profile
membership and transitions, this study provides a more
fine-grained application of the Job Demands-Resources
model, illustrating how different types of demands and
resources are associated with favourable and unfavour-
able combinations of well-being states over time. Taken
together, these findings extend an integrative and
dynamic perspective on work-related well-being.

Limitations and future research directions

While our study provides novel insights, it also has lim-
itations that future research should address. Although
the use of LTA across two samples provides valuable
insights into within-person stability and change in latent
profiles, several limitations should be noted.

First, our study is based on two convenience samples.
Future research should seek to replicate these profile
transitions in more representative samples to determine
the extent to which profile structures and transition
probabilities are replicable. Second, the time gap
between measurements in our two samples may have
limited our ability to detect more immediate or short-
term changes in the constructs of interest. This is impor-
tant in the context of work and well-being research,
where fluctuations in job demands, resources, and
employee states (e.g., stress, engagement, affect) can
occur due to dynamic organizational environments
(Bakker & Demerouti, 2017; Sonnentag et al., 2025).
Future studies should incorporate additional measure-
ment waves - ideally with shorter lags - to capture finer-
grained temporal dynamics. Third, our study focuses on
a very narrow range of contextual factors. Future
research can expand this to understand how other
important factors related to work well-being (e.g., social
support, variety, job insecurity) (De Witte, 2005;
Demerouti et al., 2001) might contribute to the stability
and emergence of profiles. Moreover, because we
adopted a person-centred approach, we used a one-
dimensional score for work engagement to avoid imbal-
ance with boredom, which is also measured on
a unidimensional scale. Future research could, however,

examine the distinct dimensions of work engagement
(vigour, dedication, and absorption) to capture its multi-
dimensional nature and explore whether these facets
differentially relate to boredom. Another limitation of
the present study is that it focused on antecedents of
well-being profiles but did not examine their potential
consequences. As such, we did not investigate whether
membership in, or transitions between, different well-
being profiles were associated with important work-
related outcomes such as job performance, turnover
intentions, absenteeism, or health-related indicators.
Examining such outcomes would be a valuable direction
for future research, as it would allow for a more compre-
hensive assessment of the functional implications of
different boredom-burnout-engagement configurations
and their evolution over time. Finally, this study did not
include trait-like individual differences, such as person-
ality traits (e.g., neuroticism, conscientiousness) or trait-
like variables such as boredom proneness (Farmer &
Sundberg, 1986). These characteristics are known to
affect how individuals perceive and react to their work
environments (e.g., Bakker et al., 2010) and could play
a key role in shaping profile membership and transitions
over time. Future research should incorporate such dis-
positional factors to advance theory on individual differ-
ences in work-related well-being.

Practical implications

From an organizational perspective, these findings
underscore the need for tailored interventions. While
boredom emerges as a critical risk factor that can persist
over time and co-occur with burnout, the identified
profiles indicate that boredom, burnout, and engage-
ment could be addressed jointly. Organizations should
therefore not only focus on reducing exhaustion, but
also on designing work that remains meaningful and
stimulating, while supporting sustained engagement.
Moreover, our results showed that employees in moder-
ately bored and engaged profiles could transition into
burned-out and cynical profiles over time. This high-
lights the need for early intervention strategies, such as
job crafting and autonomy-supportive leadership, to
prevent the escalation of boredom into severe disen-
gagement. In line with the Job Demands-Resources
model (Bakker & Demerouti, 2017), our findings further
indicate that hindering job demands, such as role con-
flict, are systematically associated with unfavourable
well-being profiles characterized by burnout and bore-
dom. Organizations should therefore pay particular
attention to identifying and managing these demands
so that they do not accumulate and undermine
employee well-being. At the same time, the presence



18 e C. TOSCANELLI ET AL.

of profiles combining high engagement with elevated
strain suggests that highly engaged employees may still
be at risk of exhaustion, underscoring the importance of
monitoring workload and recovery even among
engaged workers. Finally, our findings highlight the ben-
efits of growth-related job resources (such as learning
opportunities). Fostering these resources could thus
serve as a tool for reducing job boredom and thereby
promoting workplace well-being. However, their asso-
ciation with profiles involving exhaustion suggests that
such resources should be implemented alongside ade-
quate support and manageable demands. Together,
these findings suggest that effective interventions
should aim to balance stimulation, development, and
recovery to foster sustainable engagement and prevent
both boredom and burnout.

Conclusion

This study offers evidence for the dynamics of job boredom,
burnout, and engagement over time. Using a person-
centred longitudinal approach, we showed that job bore-
dom is not merely the absence of engagement, but
a distinct and enduring psychological state with important
implications for employee well-being. Our findings high-
light the need for a more differentiated perspective on
workplace well-being-one that recognizes boredom and
burnout as coexisting yet distinct risks to sustained engage-
ment and well-being. Notably, the consistent alignment of
job boredom with the cynicism dimension of burnout
points to a meaningful conceptual co-existence that war-
rants further exploration. While job demands and resources
generally conformed to theoretical expectations, excep-
tions — such as the complex role of job autonomy - suggest
that certain resources may not uniformly buffer against
strain. These insights deepen our understanding of work-
related psychological states and inform the development of
targeted interventions to promote employee well-being.

Disclosure statement

No potential conflict of interest was reported by the author(s).

Data availability statement

The data that support the findings of this study are available
from the corresponding author, Cecilia Toscanelli, upon rea-
sonable request.

References

Asparouhov, T., & Muthén, B. (2014). Auxiliary variables in mixture
modeling: Three-step approaches using Mplus. Structural

Equation Modeling: A Multidisciplinary Journal, 21(3), 329-341.
https://doi.org/10.1080/10705511.2014.915181

Bakker, A. B. (2014). The job demands-resources questionnaire.
Erasmus University Rotterdam.

Bakker, A. B., Boyd, C. M. Dollard, M., Gillespie, N.
Winefield, A. H., & Stough, C. (2010). The role of personality
in the job demands-resources model: A study of Australian
academic staff. Career Development International, 15(7),
622-636. https://doi.org/10.1108/13620431011094050

Bakker, A. B., & Demerouti, E. (2007). The job demands-
resources model: State of the art. Journal of Managerial
Psychology, 22(3), 309-328. https://doi.org/10.1108/
02683940710733115

Bakker, A. B., & Demerouti, E. (2017). Job demands-resources
theory: Taking stock and looking forward. Journal of
Occupational Health Psychology, 22(3), 273-285. https://doi.
org/10.1037/0cp0000056

Bakker, A. B., Demerouti, E., & Sanz-Vergel, A. (2022). Job
demands-resources theory: Ten years later. Annual Review
of Organizational Psychology & Organizational Behavior, 10
(1), 25-53. https://doi.org/10.1146/annurev-orgpsych
-120920-053933

Bocéréan, C.,, Dupret, E., & Feltrin, M. (2019). Maslach burnout
inventory—General survey: French validation in a represen-
tative sample of employees. SCIREA Journal of Health, 3(2),
24-41. https://hal.science/hal-02480484/document

Collins, L. M., & Lanza, S. T. (2010). Latent class and latent
transition analysis with applications in the social, behavioral,
and health sciences. Wiley.

Demerouti, E., & Bakker, A. B. (2023). Job demands-resources
theory in times of crises: New propositions. Organizational
Psychology Review, 13(3), 209-236. https://doi.org/10.1177/
20413866221135022

Demerouti, E., Bakker, A. B., Nachreiner, F., & Schaufeli, W. B.
(2001). The job demands-resources model of burnout.
Journal of Applied Psychology, 86(3), 499-512. https://doi.
org/10.1037/0021-9010.86.3.499

De Witte, H. (2005). Job insecurity: Review of the international
literature on definitions, prevalence, antecedents and
consequences. SA Journal of Industrial Psychology, 31(4),
1-6. https://doi.org/10.4102/sajip.v31i4.200

Enders, C. K. (2022). Applied missing data analysis. The Guilford
Press.

Farmer, R., & Sundberg, N. D. (1986). Boredom proneness: The
development and correlates of a new scale. Journal of
Personality Assessment, 50(1), 4-17. https://doi.org/10.1207/
s15327752jpa5001_2

Fisher, C. D. (1993). Boredom at work: A neglected concept.
Human Relations, 46(3), 395-417. https://doi.org/10.1177/
001872679304600305

Game, A. M. (2007). Workplace boredom coping: Health, safety,
and HR implications. Personnel Review, 36(5), 701-721.
https://doi.org/10.1108/00483480710774007

Gillet, N., Fernet, C,, Blechman, Y., & Morin, A. J. S. (2023). On the
combined role of work engagement and burnout among
novice nurses: A longitudinal person-centered analysis.
Journal of Career Assessment, 31(4), 686-714. https://doi.
org/10.1177/10690727221148720

Gillet, N., Morin, A. J. S., Fernet, C., Austin, S., & Huyghebaert-
Zouaghi, T. (2024). A longitudinal person-centered investi-
gation of the multidimensional nature of employees’ per-
ceptions of challenge and hindrance demands at work.


https://doi.org/10.1080/10705511.2014.915181
https://doi.org/10.1080/10705511.2014.915181
https://doi.org/10.1108/13620431011094050
https://doi.org/10.1108/02683940710733115
https://doi.org/10.1108/02683940710733115
https://doi.org/10.1037/ocp0000056
https://doi.org/10.1037/ocp0000056
https://doi.org/10.1146/annurev-orgpsych-120920-053933
https://doi.org/10.1146/annurev-orgpsych-120920-053933
https://hal.science/hal-02480484/document
https://doi.org/10.1177/20413866221135022
https://doi.org/10.1177/20413866221135022
https://doi.org/10.1037/0021-9010.86.3.499
https://doi.org/10.1037/0021-9010.86.3.499
https://doi.org/10.4102/sajip.v31i4.200
https://doi.org/10.1207/s15327752jpa5001_2
https://doi.org/10.1207/s15327752jpa5001_2
https://doi.org/10.1177/001872679304600305
https://doi.org/10.1177/001872679304600305
https://doi.org/10.1108/00483480710774007
https://doi.org/10.1108/00483480710774007
https://doi.org/10.1177/10690727221148720
https://doi.org/10.1177/10690727221148720

EUROPEAN JOURNAL OF WORK AND ORGANIZATIONAL PSYCHOLOGY 19

Anxiety, Stress & Coping, 37(5), 558-586. https://doi.org/10.
1080/10615806.2024.2324252

Harju, L., Hakanen, J. J., & Schaufeli, W. B. (2014). Job boredom
and its correlates in 87 Finnish organizations. Journal of
Occupational and Environmental Medicine, 56(9), 911-918.
https://doi.org/10.1097/JOM.0000000000000248

Harju, L. K., Seppala, P., & Hakanen, J. J. (2023). Bored and
exhausted? Profiles of boredom and exhaustion at work
and the role of job stressors. Journal of Vocational
Behavior, 144, 103898. https://doi.org/10.1016/j.jvb.2023.
103898

Huyghebaert-Zouaghi, T., Morin, A. J. S, Fernet, C, Austin, S., &
Gillet, N. (2022). Longitudinal profiles of work-family inter-
face: Their individual and organizational predictors, personal
and work outcomes, and implications for onsite and remote
workers. Journal of Vocational Behavior, 134, 103695. https://
doi.org/10.1016/j,jvb.2022.103695

Innanen, H., Tolvanen, A., & Salmela-Aro, K. (2014). Burnout,
work engagement and workaholism among highly edu-
cated employees: Profiles, antecedents and outcomes.
Burnout Research, 1(1), 38-49. https://doi.org/10.1016/j.
burn.2014.04.001

Kawada, M., Shimazu, A. Miyanaka, D. Tokita, M.,
Sakakibara, K. Mori, N. Hamsyah, F., Yuheng, L.,
Shojima, K., & Schaufeli, W. B. (2024). Boredom and engage-
ment at work: Do they have different antecedents and
consequences? Industrial Health, 62(2), 110-122. https://
doi.org/10.2486/indhealth.2023-0028

Lehtiniemi, K., Tolvanen, A., Rantanen, J., & Feldt, T. (2024).
Occupational well-being profiles and learning climate as
an organizational resource: A latent transition analysis.
Employee Responsibilities and Rights Journal. https://doi.
org/10.1007/5s10672-024-09512-6

Leiter, M. P. (1993). Burnout as a developmental process:
Consideration of models. In W. B. Schaufeli, C. Maslach, &
T. Marek (Eds.), Professional burnout: Recent developments in
theory and research (pp. 237-250). Taylor & Francis.

Leiter, M. P., & Schaufeli, W. B. (1996). Consistency of the burn-
out construct across occupations. Anxiety, Stress & Coping, 9
(3), 229-243. https://doi.org/10.1080/10615809608249404

Li, J., Kaltiainen, J., & Hakanen, J. J. (2024). Job boredom as an
antecedent of four states of mental health: Life satisfaction,
positive functioning, anxiety, and depression symptoms
among young employees - a latent change score
approach. BMC Public Health, 24(1), 907. https://doi.org/10.
1186/512889-024-18430-z

Loukidou, L., Loan-Clarke, J., & Daniels, K. (2009). Boredom in
the workplace: More than monotonous tasks. International
Journal of Management Reviews, 11(4), 381-405. https://doi.
org/10.1111/j.1468-2370.2009.00267.x

Makikangas, A., Kinnunen, S., Rantanen, J, Mauno, S,
Tolvanen, A., & Bakker, A. B. (2014). Association between
vigor and exhaustion during the workweek: A
person-centered approach to daily assessments. Anxiety,
Stress & Coping, 27(5), 555-575. https://doi.org/10.1080/
10615806.2013.860968

Makikangas, A., Kinnunen, U., Feldt, T., & Schaufeli, W. (2016).
The longitudinal development of employee well-being:
A systematic review. Work & Stress, 30(1), 46-70. https://
doi.org/10.1080/02678373.2015.1126870

Martela, F. (2025). Well-being as having, loving, doing, and
being: An integrative organizing framework for employee

well-being. Journal of Organizational Behavior, 46(5),
641-661. https://doi.org/10.1002/job.2862

Maslach, C. (1993). Burnout: A multidimensional perspective. In
W. B. Schaufeli, C. Maslach, & T. Marek (Eds.), Professional
burnout: Recent developments in theory and research (pp.
19-32). Taylor & Francis.

Maslach, C., & Jackson, S. E. (1986). Mbi: Maslach burnout inven-
tory: Manual (Res. ed.). University of California.

Maslach, C., Schaufeli, W. B., & Leiter, M. P. (2001). Job burnout.
Annual Review of Psychology, 52(1), 397-422. https://doi.org/
10.1146/annurev.psych.52.1.397

Morin, A. J., & Litalien, D. (2017). Webnote: Longitudinal tests of
profile similarity and latent transition analyses. Substantive
Methodological Synergy Research Laboratory. https://
smslabstats.weebly.com/uploads/1/0/0/6/100647486/Ita_
distributional_similarity_v02.pdf

Morin, A. J. S., & Litalien, D. (2019). Mixture modeling for life-
span developmental research. In A. J. S. Morin & D. Litalien
(Eds.), Oxford research encyclopedia of psychology. Oxford
University Press. https://doi.org/10.1093/acrefore/
9780190236557.013.364

Morin, A. J. S., Meyer, J. P., Creusier, J., & Biétry, F. (2016).
Multiple-group analysis of similarity in latent profile
solutions. Organizational Research Methods, 19(2), 231-254.
https://doi.org/10.1177/1094428115621148

Muthén, L. K., & Muthén, B. O. (2021). Mplus (Version 8.6).
Computer software. Muthén & Muthén.

Newman, D. A. (2014). Missing data: Five practical guidelines.
Organizational Research Methods, 17(4), 372-411. https://doi.
org/10.1177/1094428114548590

Notelaers, G., de Witte, H., van Veldhoven, M. J. P. M., &
Vermunt, J. K. (2007). The short inventory to monitor psy-
chosocial hazards: Combining latent class modeling and
structural equation modeling to monitor and to evaluate
intervention programs. In J. Pelletier (Ed.), Intervention prac-
tices in firms (pp. 161-172). ANACT.

Nylund-Gibson, K., & Choi, A. Y. (2018). Ten Frequently asked
questions about latent class analysis. Translational Issues in
Psychological Science, 4(4), 440-461. https://doi.org/10.1037/
tps0000176

Podsakoff, N. P, Freiburger, K. J., Podsakoff, P. M., & Rosen, C. C.
(2023). Laying the foundation for the challenge-hindrance
stressor framework 2.0. Annual Review of Organizational
Psychology & Organizational Behavior, 10(1), 165-199.
https://doi.org/10.1146/annurev-orgpsych-080422-052147

Rantanen, J., Makikangas, A., Puukari, S. Koskela, S.,
Raudasoja, A., & Silvonen, J. (2024). Multifaceted investiga-
tion of occupational wellbeing profiles among guidance
counsellors. British Journal of Guidance and Counselling, 52
(3), 546-563. https://doi.org/10.1080/03069885.2023.
2247547

Reijseger, G., Schaufeli, W. B., Peeters, M. C. W., Taris, T. W., Van
Beek, I, & Ouweneel, E. (2013). Watching the paint dry at
work: Psychometric examination of the Dutch boredom
scale. Anxiety, Stress & Coping, 26(5), 508-525. https://doi.
org/10.1080/10615806.2012.720676

Roskova, E., & Faragov4, L. (2020). Job crafting, work engage-
ment, burnout: Mediating role of self-efficacy. Studia
Psychologica, 62(2), 148-163. https://doi.org/10.31577/sp.
2020.02.797

Salmela-Aro, K., Hietajarvi, L., & Lonka, K. (2019). Work burnout
and engagement profiles among teachers. Frontiers in


https://doi.org/10.1080/10615806.2024.2324252
https://doi.org/10.1080/10615806.2024.2324252
https://doi.org/10.1097/JOM.0000000000000248
https://doi.org/10.1097/JOM.0000000000000248
https://doi.org/10.1016/j.jvb.2023.103898
https://doi.org/10.1016/j.jvb.2023.103898
https://doi.org/10.1016/j.jvb.2022.103695
https://doi.org/10.1016/j.jvb.2022.103695
https://doi.org/10.1016/j.burn.2014.04.001
https://doi.org/10.1016/j.burn.2014.04.001
https://doi.org/10.2486/indhealth.2023-0028
https://doi.org/10.2486/indhealth.2023-0028
https://doi.org/10.1007/s10672-024-09512-6
https://doi.org/10.1007/s10672-024-09512-6
https://doi.org/10.1080/10615809608249404
https://doi.org/10.1186/s12889-024-18430-z
https://doi.org/10.1186/s12889-024-18430-z
https://doi.org/10.1111/j.1468-2370.2009.00267.x
https://doi.org/10.1111/j.1468-2370.2009.00267.x
https://doi.org/10.1080/10615806.2013.860968
https://doi.org/10.1080/10615806.2013.860968
https://doi.org/10.1080/02678373.2015.1126870
https://doi.org/10.1080/02678373.2015.1126870
https://doi.org/10.1002/job.2862
https://doi.org/10.1146/annurev.psych.52.1.397
https://doi.org/10.1146/annurev.psych.52.1.397
https://smslabstats.weebly.com/uploads/1/0/0/6/100647486/lta_distributional_similarity_v02.pdf
https://smslabstats.weebly.com/uploads/1/0/0/6/100647486/lta_distributional_similarity_v02.pdf
https://smslabstats.weebly.com/uploads/1/0/0/6/100647486/lta_distributional_similarity_v02.pdf
https://doi.org/10.1093/acrefore/9780190236557.013.364
https://doi.org/10.1093/acrefore/9780190236557.013.364
https://doi.org/10.1177/1094428115621148
https://doi.org/10.1177/1094428115621148
https://doi.org/10.1177/1094428114548590
https://doi.org/10.1177/1094428114548590
https://doi.org/10.1037/tps0000176
https://doi.org/10.1037/tps0000176
https://doi.org/10.1146/annurev-orgpsych-080422-052147
https://doi.org/10.1146/annurev-orgpsych-080422-052147
https://doi.org/10.1080/03069885.2023.2247547
https://doi.org/10.1080/03069885.2023.2247547
https://doi.org/10.1080/10615806.2012.720676
https://doi.org/10.1080/10615806.2012.720676
https://doi.org/10.31577/sp.2020.02.797
https://doi.org/10.31577/sp.2020.02.797

20 e C. TOSCANELLI ET AL.

Psychology, 10, 2254. https://doi.org/10.3389/fpsyg.2019.
02254

Schaufeli, W. B., & Bakker, A. B. (2004). Job demands, job
resources, and their relationship with burnout and engage-
ment: A multi-sample study. Journal of Organizational
Behavior: The International Journal of Industrial,
Occupational and Organizational Psychology and Behavior,
25(3), 293-315. https://doi.org/10.1002/job.248

Schaufeli, W. B., Bakker, A. B., & Salanova, M. (2006). The mea-
surement of work engagement with a short questionnaire: A
cross-national study. Educational and Psychological
Measurement, 66(4), 701-716. https://doi.org/10.1177/
0013164405282471

Schaufeli, W. B., De Witte, H., & Desart, S. (2019). Handleiding
burnout assessment tool (BAT). [Internal report]. KU Leuven.

Schaufeli, W., Desart, S., & De Witte, H. (2020). Burnout assessment
tool (BAT)-development, validity, and reliability. International
Journal of Environmental Research and Public Health, 17(24),
9495, https://doi.org/10.3390/ijerph17249495

Schaufeli, W., Leiter, M. P., Maslach, C,, & Jackson, S. E. (1996).
Maslach burnout inventory-general survey (MBI-GS). In
C. Maslach, S. E. Jackson, & M. P. Leiter (Eds.), MBI manual
(3rd ed., pp. 19-26). Consulting Psychologist Press.

Schaufeli, W., & Salanova, M. (2013). Burnout, boredom and
engagement in the workplace. In T. W. Taris,
M. C. W. Peeters, & J. De Jonge (Eds.), An introduction to
contemporary work psychology (1st ed. pp. 291-320). Wiley.
https://doi.org/10.1002/9781394259564.ch12

Sonnentag, S., Volker, J., & Wehrt, W. (2025). Good and bad
days at work: A descriptive review of day-level and
experience-sampling studies. Journal of Organizational
Behavior, 46(2), 207-226. https://doi.org/10.1002/job.2796

Sousa, T., & Neves, P. (2021). Two tales of rumination and
burnout: Examining the effects of boredom and overload.
Applied Psychology, 70(3), 1018-1044. https://doi.org/10.
1111/apps.12257

Spurk, D., Hirschi, A., Wang, M., Valero, D., & Kauffeld, S. (2020).
Latent profile analysis: A review and “how to” guide of its

application within vocational behavior research. Journal of
Vocational Behavior, 120, 103445. https://doi.org/10.1016/j.
jvb.2020.103445

Timms, C., Brough, P., & Graham, D. (2012). Burnt-out but
engaged: The co-existence of psychological burnout and
engagement. Journal of Educational Administration, 50(3),
327-345. https://doi.org/10.1108/09578231211223338

Toscanelli, C., Udayar, S., & Massoudi, K. (2022). Antecedents
and consequences of technology appraisal: A person-cen-
tered approach.Technology. Mind, and Behavior, 3(3), 401-
414. https://doi.org/10.1037/tmb0000081

Toscanelli, C,, Udayar, S., Urbanaviciute, I, & Massoudi, K. (2021).
The role of individual characteristics and working conditions in
understanding boredom at work. Personnel Review, 51(2),
480-500. https://doi.org/10.1108/PR-07-2020-0510

Toscanelli, C., Urbanaviciute, I, De Witte, H., & Massoudi, K.
(2024). Better bored than burned-out? Cynicism as
a mediator between boredom at work and exhaustion.
British Journal of Guidance and Counselling, 52(2), 274-285.
https://doi.org/10.1080/03069885.2023.2219376

Van Hooff, M. L. M., & van Hooft, E. A. J. (2014). Boredom at work:
Proximal and distal consequences of affective work-related
boredom. Journal of Occupational Health Psychology, 19(3),
348-359. https://doi.org/10.1037/a0036821

Warr, P. (1990). The measurement of well-being and other
aspects of mental health. Journal of Occupational
Psychology, 63(3), 193-210. https://doi.org/10.1111/j.2044-
8325.1990.tb00521.x

Westgate, E. C., & Wilson, T. D. (2018). Boring thoughts and
bored minds: The MAC model of boredom and cognitive
engagement. Psychological Review, 125(5), 689-713. https://
doi.org/10.1037/rev0000097

Zecca, G., Gyorkos, C., Becker, J., Massoudi, K., de Bruin, G. P., &
Rossier, J. (2015). Validation of the French Utrecht Work
engagement scale and its relationship with personality traits
and impulsivity. European Review of Applied Psychology, 65
(1), 19-28. https://doi.org/10.1016/j.erap.2014.10.003


https://doi.org/10.3389/fpsyg.2019.02254
https://doi.org/10.3389/fpsyg.2019.02254
https://doi.org/10.1002/job.248
https://doi.org/10.1177/0013164405282471
https://doi.org/10.1177/0013164405282471
https://doi.org/10.3390/ijerph17249495
https://doi.org/10.1002/9781394259564.ch12
https://doi.org/10.1002/9781394259564.ch12
https://doi.org/10.1002/job.2796
https://doi.org/10.1111/apps.12257
https://doi.org/10.1111/apps.12257
https://doi.org/10.1016/j.jvb.2020.103445
https://doi.org/10.1016/j.jvb.2020.103445
https://doi.org/10.1108/09578231211223338
https://doi.org/10.1037/tmb0000081
https://doi.org/10.1108/PR-07-2020-0510
https://doi.org/10.1080/03069885.2023.2219376
https://doi.org/10.1080/03069885.2023.2219376
https://doi.org/10.1037/a0036821
https://doi.org/10.1111/j.2044-8325.1990.tb00521.x
https://doi.org/10.1111/j.2044-8325.1990.tb00521.x
https://doi.org/10.1037/rev0000097
https://doi.org/10.1037/rev0000097
https://doi.org/10.1016/j.erap.2014.10.003

	Abstract
	Profiles of job boredom, burnout, and work engagement
	Profiles stability and transitions
	Predictors of profiles membership: job demands and resources

	Method
	Participants and procedure
	Measures
	Job boredom
	Burnout
	Work engagement
	Job demands and resources

	Data analytical approach
	Latent profile analyses (LPA)
	Model comparison and selection
	Longitudinal test of profile similarity
	Latent transition analyses (LTA)

	Results
	Descriptives
	Identifying boredom-engagement-burnout profiles
	Transitions
	Examining the associations between profile membership and work characteristics

	Discussion
	Limitations and future research directions
	Practical implications

	Conclusion
	Disclosure statement
	Data availability statement
	References

