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Abstract: In this paper, we find the upper bound for the tail probability P( sup,~o Y & > x) with
random summands ¢y, {o, . . . having light-tailed distributions. We find conditions under which the
tail probability of supremum of sums can be estimated by quantity 01 exp{ —02x} with some positive
constants g1 and g,. For the proof we use the martingale approach together with the fundamental
Wald’s identity. As the application we derive a few Lundberg-type inequalities for the ultimate ruin
probability of the inhomogeneous renewal risk model.
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1. Introduction

Let {¢1,&2, ...} be a sequence of independent and real-valued random variables (r.v.s). Let Sy = 0,
Spn =8 +8&+...+&nforalln € Nand Mo = sup{Sy, S1,Sy,...}. In 1997, Sgibnev generalized
results of Kiefer and Wolfowitz [1] by obtaining the upper bound for submultiplicative moment
E ¢(M o) in the case of independent and identically distributed (i.i.d.) r.v.s. In Theorem 2 of [2] the
following assertion is presented.

Theorem 1. Let {1, &, . ..} bea sequence of i.i.d. r.v.s with a common distribution function (d.f.) F. Let ¢ be a
non-decreasing function defined on [0, 00) such that ¢(0) = 1 and ¢(x +y) < ¢(x)@(y) forall x,y € [0,00).
Then E ¢( M) < oo under the following three conditions:

(i) E¢ <0,
(ii) /0 " o(x)E(x) dx < oo,

(iii) ifr = r(¢) := lim @ >0, then E(e®1) < 1.

X—00

In the case of exponential function ¢, Theorem 1 implies the following upper estimation for the
tail probability of r.v. M.

Corollary 1. Let {¢,&, ...} be a sequence of i.i.d. rv.s. IFEE; < 0and Ee¢1 < co for some positive h then
there exist positive constants 01 and 0y such that

P(Me > x) < 0167 %F 1)
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for all nonnegative x.

If a sequence {1, &y, . . .} consists of independent but possibly differently distributed r.v.s, then the
similar estimate to that in (1) also holds. The following assertion is proved in [3] (see Lemma 1).

Theorem 2. Let {G1,&y, ...} be a sequence of independent r.v.s such that

(i) supE(e"%) < oo for some h > 0,
keN

(i) Jim supE (12T, )) =0

(iii) hmsup Z Eg <.

n—eo M35

Then the estimate (1) holds for all positive x and some positive constants g1 and ;.

In Theorem 3 of [4] the following more general assertion was proved using classical ideas of
Chernoff [5] and Hoeffding [6].
Theorem 3. Let {G1,8, ...} be a sequence of independent r.v.s such that:

n

. 1 .
(i) ;ZEgkg—aﬁn}b,

k=1
(ii) sup — ZE(|§k|][{gk\ c})
n>h
(ifi) sup — 2( 0) +E(e 1)) < i,
n>b

n

. 1 n
() max 3 (@< 0+ B0 ) <

forsomea >0,beN,c>0,e>20,h>0,dy >1anddy >
If

)
A—€+5hd1max{2 hz}a<0 2)

with § € (0,1/2), then
IP’(M00 > x) <ce M, x>0,

b—1
exp{—dhAb} )
o= (Bag oty
n;l 2 T 1 —exp{—ohA}
It should be noted that conditions of Theorem 3 are weaker than the conditions of Theorem 2.
In addition, the assertion of Theorem 3 provides an algorithm to calculate two positive constants

controlling the exponential upper bound. For this reason, conditions of the last theorem have more
explicit form.

where

In this paper we extend the above results by deriving the more precise upper bounds for
probability P(Ms > x) under less restrictive requirements. In addition, from these upper bounds we
derive the so called Lundberg-type exponential estimates for ruin probabilities of the nonhomogeneous
renewal risk models. Results on upper bounds for P(M., > x) are presented in Section 2, and the
versions of the Lundberg-type inequalities are given in Section 3. Section 4 deals with proofs of the
main results, and finally, Section 5 addresses to several applications of the results obtained.
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It should be noted that the problem under consideration and the method used are related with the
problem of upper bound for probability P(S,, > x), where S, is a sum of independent or dependent
random variables. It is natural that for probability P(S, > x) more sharp upper bounds can be
obtained comparing with the upper bound for P(max;<x<, Sk > x). The pioneer exponential-type
inequalities for probability P(S, > x) were derived by Bernstein [7,8] and later were improved and
generalized by many authors, see [6,9-15], for instance. The boundedness of summands in S, is
a key requirement in these papers to get sharp exponential-type upper bounds. Upper bound for
probability P(max;<x<, Sk > x) can be derived from the upper estimates of P(S, > x,C) with a
suitable condition C. Such a way is described in detail by Fan et al. [12] and in references therein.
Unfortunately, the derived upper exponential-type estimates for P(S, > x,C) “work” under quite
restrictive requirements for summands of sum S;,. The main object of our research is the ruin probability
of the renewal risk model. In order to obtain a good and general upper bound of this probability,
we use the estimate of probability P(maxj<x<, Sk > x) presented in Lemma 1. In this lemma the
requirements for summands of S, are minimal.

2. Upper Bounds for Tail of Maximum of Sums

The first theorem of this section gives the upper estimate for probability P(Me > x) under less
requirements than in Theorems 2 and 3 by supposing that random variables 1, ¢y, . . . satisfy the net
profit condition, have a finite exponential moment and a negligible left tail on average.

Theorem 4. Let {G1,Cp, ...} be a sequence of independent and possibly differently distributed r.v.s. If the
following three conditions are satisfied

1 n
(i) limsup - Y E(e"*) < oo for some h >0,
k=1

n—o0

n
(ii) limsup 1 Y Eg& <0,
=1

n—oo Ty

foy 7 1 ¢
(iii) llgljoljp . I;E (|§k|]l{é‘k<—u}> =0,
n—»00 -

then the estimate (1) holds for all positive x and some positive constants 91 and ;.

The second theorem provides an algorithm to obtain numerical expressions of constants ¢; and
07 in the estimate (1). The assertion of theorem below is similar to that in Theorem 3. However, we
derive more precise expressions of constants using the sharp initial inequality of Lemma 1 below.

Theorem 5. Let {G1,8, ...} be a sequence of independent r.v.s such that:

D=
&
'y
N
s

»
I
—

E (|€k|][{gk<_c}) <e,

=
N~—

Sl I= I
b
Lr2=

T
(X

™=

(P(e < 0) +E( ("% — /)T 1)) ) < d,

forn>2b,a>0,beN,c>0,e>20h>0,d =1 Let, in addition:

n

(iv)  max TT (P& <0)+E(e" 1, .0))) <D

1<n<b-1 =1
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for D > 1.
If
z2 2
€ + 0hd max S —a<0 3)

with some 6 € (0,1/2), then for all positive x
P(Me > x) < De o, (4)

The last theorem shows what upper bound can be derived for tail of maximum of sums in the
case when the cumulant generating functions (see [16], for instance) can be successfully estimated for

allrvis {&,&, ...}

Theorem 6. Let {C1,Ca, . ..} be a sequence of independent r.v.s. I forallh € (0,h*) and n € N
n
)" log (E(e"™) ) < o(h) 5)
k=1
with some h* > 0 and function ¢ not depending on n, then
P(Me > x) <exp{—hx+¢(h)} (6)
for all positive x and h € (0, h*).

Remark 1. The last estimation (6) implies the possibility to get more sharp estimate than the standard
exponential for P (Moo > x). For example, if p(x)/x < x/2 for large x, then (6) implies that

P(Me > x) < exp{—x%/2}
for that x.

3. Exponential Estimates for Ruin Probabilities

In this section, we present three corollaries from Theorems 4-6 on the Lundberg-type inequalities
for the ultimate ruin probability of an inhomogeneous renewal risk model.

We say that the insurer’s surplus R(t) varies according to an inhomogeneous renewal risk model
(IRRM) if equation
o)
R(t,x)=x+pt—) Z @)
i=1
holds for all t > 0 with the initial insurer’s surplus x > 0, a constant premium rate p > 0, a sequence
of independent, non negative and possibly differently distributed claim amounts {Z1,Z,, ...} and
with the renewal counting process

O(t) = Z ][{91+92+...+6n<t}r
n=1

generated by the inter occurrence times {61,6;,...} which form a sequence of independent, non
negative, not degenerate at zero and possibly differently distributed r.v.s. In addition, sequences
{Z1,2,,...} and {601, 6,, ...} are supposed to be independent.

If sequences {Z1,Z,,...} and {61,605, ...} consist of independent and identically distributed (i.i.d.)
r.v.s, then the inhomogeneous renewal risk model becomes the homogeneous one.
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The ultimate ruin probability (or simply ruin probability)

P(x)=P (}r}lgR(t,x) < 0)

and the probability of ruin within time T

P(x, T) =P (OgirthR(t,x) < 0)

are the main characteristics of the renewal risk model.
It is obvious that (x, T) < ¢(x) forall T > 0, x > 0, and

n

p(x) =P (SUP Y (Zk— po) > x) ®)
nz=1 k=1

forall x > 0.

There exist a lot of different papers in which various problems related with ¢(x) and ¢(x, T)
were considered. We refer to only a few of them. For instance, in [17-21], different proofs of the
classical Ludberg’s inequality can be found. In [22-31], the methods are presented for calculation of
ruin probabilities and related quantities in the discrete time models. In [32-42], various problems of
inhomogeneous and homogeneous renewal risk models related with asymptotic behaviour of ruin
probabilities were considered.

The equality (8) shows that results of Theorems 4—6 can be directly applied to derive exponential
estimates for (x) of IRRM which are traditionally called Lundberg-type inequalities. In this section,
we present three versions of the Lundberg-type inequality for IRRM.

Corollary 2. Let {Z1,Z,,...} and {61,0,, ...} be two independent sequences of independent and possibly
differently distributed r.v.s generating IRRM with premium income rate p. Then

p(x) <rpe” ™

forall x > 0 and some positive constants k1 and «y if the following conditions are satisfied

1 n
(i) limsup =~ ) E(e"%) < oo for some h >0,

n—o0 n k=1

(ii) hmsup ZE Zr — pby) <

n—o0

(iii) limsup — Z E (9k1{9k>u}>

Uu—r00 k=
n—oo

Corollary 3. Let {Z1,Z5,...} and {61,0,, ...} be two independent sequences of independent and possibly
differently distributed r.v.s generating IRRM with premium income rate p such that:

. 1&
(1) EZE Zk_Pek —A,
k=1

N O
(11) E Z E (6k]1{9k>c/}7}) A,
k=1

1 n
(iii) - ) (P Zy — pbp <0) + ]E((eH(Zk*ka))][{Zk_pQPO})) <df,
k=1
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forn>B, A>0BeNC>0A>20H>0,d" >11If
n

for some D* > 1, and

2
A+(5Hd*max{(;,;2} —-A<O0

for some & € (0,1/2), then for all positive x

l/J(X) < D* eféHx.

Corollary 4. Let {Zy,Z;,...} and {61,65,...} be two independent sequences of independent and possibly
differently distributed r.v.s generating IRRM with premium income rate p. If for all h € (0,h*) and n € N

n
) log (E(eh(zk*pek))) < A(h)
k=1
with some positive h* and some function A not depending on n, then
p(x) < exp{—hx+A(h)}
for all positive x and h € (0, h*).

4. Proofs

In this section, we prove all main results presented in Sections 2 and 3. Statements of Section 2
can be derived from the following lemma.

Lemma 1. Let {G1, G, ...} be a sequence consisting of independent r.v.s. Then the upper estimate

n
P(Meo > x) < e "™ supE(e"Sr) = e " sup [ E(e") ©)
neN neN k=1

holds for all x > 0 and h > 0.

The assertion of this lemma can be proved using different ways. Here, we present two different
proofs of the lemma. The first proof is based on the martingale property of special transform of sum of
random variables and on the maximal inequality for submartingales, see, for instance, Exercise 7 on
page 110 and Theorem 1 on page 492 of [43]. We found such proof in the unpublished manuscript [44].
The second more direct proof is based on the fundamental Wald’s equality for not necessarily identically
distributed random variables. For various versions of the Wald’s equalities see [45-47], § 2 of Chapter
VIl in [43,48-50] among others.

Proof. (I). For N € Nand & > 0 let us define

En(h) := 1r<r}1a<xNE(ehS" ).

If Ex(h) = oo, then obviously that

P ( max Sy > x) < e M™En(h) (10)

1<n<N
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for all nonnegative x, h. If Ey(h) is finite, then for each n € {0,1,..., N}, we define the following
nonnegative r.v.

eltSn
mn - — m
Since My = 1 and
eh(’SnflJrén)
]E(Smn |9JT0,9ﬁ1,...,9ﬁn,1) = E m | ‘fozélr-nrén—l

ehsn—l E ehgn m
E (ehSi1) =\ E (efen) ) — 7V
for all n € {1,...,N}, the sequence of nonnegative r.v.s {9y, My, ..., My} forms a martingale.
According to the maximal inequality for submartingales (see, for instance, Theorem 1 on page 492

of [43]) we have that

P(maxﬂﬁn>y> g]Em” :1
n<N y y

for all positive y.
If we choose y = e/*/Ex/(h) then we get that

hSy hx
P (max ° € > < e " Ey(h).

"N E (&S~ En(h)

Consequently inequality (10) is satisfied again, because

hS, hx
P (maxSn > x) = P (maxehS” > ehx) =P (max © > € )

n<N n<N

p elSn ehx b "
< <e

< rnngazz;E = > En(n) | S e "En(h)
for arbitrary positive x and h.

The estimate (9) of Lemma 1 follows now immediately due to the following relations

neN n=1

P(Meo >x) = P(sup8n>x>zl\%ii)r})oﬁ”<6{8n>x}>

N—oo 1<n<N N—oo

= lim P ( max Sy > x> <e ™ lim En(h)

N

e " sup E(e)

neN

provided if x,h > 0. O

Proof. (II). In this part we present another way to prove the inequality (10). It is enough to prove this
estimate to obtain the new proof way because of the standard derivation of (9) from (10) we presented
in the first part.

The inequality (10) is evident if N = 1. Let us suppose that N > 2 and for the sequence
{51,52,...,Sn} define stopping time Ty by the following equation

min{n : S, > x},
™ =
YN, if Sy <xforne {1,2,...,N}.
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If En(h) is finite, then we have
IP( max S, > x) = Pty < N—-1)+P(ty = N, Sy > x)

1<n<N
= K (I{TNngl}) +E (I{TN:NrSN>x})

< e ME (ehSTN][{TNgN_l}) +e MR (ehsN][{TN:N}>

—h ehSTN ] hé;
= e XE 1'1\17 HE(E 1)
H E (ehgi) i=1

i=1

hx TR (e oS
< e i -
< o (e 2 e @)
i=1

= e ™EN(h)

because of the Wald’s fundamental equality for collection of independent but not necessary identically
distributed r.v.s {1, &2, . .., {n} and stopping time Ty, see [46,47]. Hence the estimate (10) follows and
this ends another proof of the lemma. [

Proof of Theorem 4. According to the estimate (9) of Lemma 1 we have
P(Me > x) < e ¥ max{ max HIE (e¥%k), sup HIE (e¥%k) (11)
1<n<N n>N k=

forallx >0,y € [0,h] and N >
Using the inequalities

e?—1 < 0,v<0,
02
e’ —v—-1 < ?ev,v>0,
02
e’ —v—-1 < ?,vgo,

foreachk € N, u > 0and y € [0, h] we get that

]E(eygk) =1 + yEgk + E ((eygk — 1)][{§k§*11}> — yE (gk][{ijkéfu})

+E ((eygk —YGk — 1)][{7u<§k<0}) +E (big(eygk —YCk — 1)][{z;k>o}>
yru? Vo (2
< 1+ yE& +yE (|gk|1[{§k< u}) + —P( u<g<0)+LE (gk ey€k1{§k>0}) . (12)

By choosing u = 1/ {/y we get that

3/2

2
E(e%) <1+ yE&+1E (16T g1/ 4y ) + 25— + S aE(S) (13)

fory € [0,h/2], where k € Nand c¢; = c1(h) is a positive constant from the estimate

v* < e™/?, v >0.
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By substituting the estimate (13) into (11) and applying estimate 1 4+ v < e’ provided for all real v,
we get that

n
P o~ <e V¥ E (e¥%k),
(Mo > x) < e ¥ max {12}11XN1(1:11 (V%K)

leﬂ + gq; ]E(ehé‘k)) }} (14)

n n
sup exp {y( Y EG+ ) E (|€k|]l{§k<*1/ W}) t
pa k=1 !

n>N

forallx >0,y € [0,h/2] and N > 1.
The first condition of Theorem 4 implies that there exists a natural M such that

S|

n
Z E(eh‘:k) <o, n>M,
k=1

with a positive constant ¢, = cp(h).
If 1 < n < M, then obviously

n
I (e/k < E (e/6k) .
k; (") < max E(e™)

Consequently, forall n > 1,
n
Y E() < (15)

with the positive constant
= c3(h, M) = , E (e +.
c3 = c3(h, M) = max {cz max (e )}
Estimates (14) and (15) imply that

n
P(Me >x)<e ¥ max{ max HE(eygk),

1<n<N k=1

n n n
sup exp {y( Z Eé, + Z (|‘:k|][{€k<—1/ ‘\‘/?}> + # + yc4n) } } , (16)
n>N k=1 k=1
where ¢y = c1¢c3/2,x >0,y € (0,h/2]and N > 1.

According to the second condition of Theorem 4

n

Y Eg < —csn,
k=1

where ¢5 > 0 and n > N* with the sufficiently large N*. From this and from the inequality (16) we
get that

n

P (Mo >x) <e ¥* max{ max [E(e’*),

1<n<Nk:1
1 & VY
:ggexp {—yn <C5 — k;E (\5k\1{¢k<—1/ w}) — 5 yC4> }} (17)

forallx >0,y € (0,h/2] and N > N*.
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The condition (iii) of Theorem 4 implies that

1 & Cs
7 LB (e Tge1/9m) <5 (18)

if y € (0,y*] and n > N for some positive y* € (0,//2] and some natural N > N*.
Due to estimates (17) and (18), the inequality

n
P(Me > x) <e ¥F max{ max [ E(e’%),

1§n§Nk:1
sup exp { ]/Tl(cf5 — g — yC4> } } (19)
n>N

holdsx >0,y € (0,y*] and N > N
If we choose iy under conditions

C -~ *
f—g—yu?&ye(&y]’

then we get the desired estimate (1) from (19) with constants

n
= max E(e%%k), o) = 7.
o= 1<n<N]l—{ ( ) 02 Y

Theorem 4 is proved. [

Proof of Theorem 5. Due to the Lemma 1 and condition (iv) of Theorem 5 we have

1<Vl<b 1k l’l>bk b

P(Meo >2x) < e ¥ max H}E(eyg") max{l supHE(eygk)}
n
< De_yxmax{l,supH]E(eygk)} (20)
n=b k=b

forallx > 0andy € (0,h].
According to the estimate (12) and the obvious inequality v> < e’ — 1, v > 0, we have that

2 2
Ee’s < 1+ yE& + yE (|§k|11{§k< C}) + LP(@ <0)+ hyz ((ehﬁk - ehék/2)1{§k>o})

forallk € Nand y € (0,h/2].
Consequently,

n=b

221 (1¢ 1
oS A} fre 0l Ba (- )}
< De_yxmax{l,exp{ny< a-i—e-f—ydmax{; ;})}} (21)

due to the conditions (i), (ii) and (iii) of Theorem 5.

P(Me >x) < De_yxmax{l supexp{ ( Z]EékJr ZE(|§k|]I{§k< C}>
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Let now y = 6h with some 6 € (0,1/2] satisfying condition (3). For this y we derive from (21) that
the estimate (4) holds. Theorem 5 is proved. [

Proof of Theorem 6. Exponential moments E(e/%) are positive for all # > 0 and k € N.
Hence condition (5) implies that

supl—I]E (e"%) —supexp{Zlog( hg"))}@xp{qﬁ(k)}-

neN k= neN

Now the estimate (6) of Theorem 6 follows from Lemma 1 immediately. [

Proof of Corollaries 2-4. All assertions follow from Theorems 4-6 immediately by supposing that
&k = Zx — pb forallk e N. O

5. Numerical Examples

In this section we present three particular examples of IRRM. For all these models we obtain the
Lundberg-type estimates for ultimate ruin probabilities using Corollaries 3 and 4. We compare the
obtained bounds with the values of ¢(x) derived by the Monte Carlo method.

The first example is borrowed from the article [4]. We show that with the help of the
Corollaries 3 or 4 more accurate upper bounds for the ruin probability can be obtained.

Example 1. Let us consider IRRM which is generated by inter occurrence times {61,0,, ...} uniformly
distributed on interval [1,3], constant premium rate p = 2 and a sequence of the claim amounts {Zy,Z,, ...}
such that

Z1=2p=0,Z3=2724=4,
Fr(x) = T g (%) +e7* (14 7 ) g0 (x), k = 5.
In the case under consideration, we have:
Eo,=2,keN;
EZy =EZ, =0, EZz =EZy = 4;

1
EZy =1+, k>5.

Consequently, for n > 1, we get
1 n
Z IETZk pEGk
n=
1 n
0 B (01 j0,25)) =

In addition, if 1 < n < 4, then

n

1 —
;k_zl (B(z — pe < 0) + E((e% 7)1y, go07)) < 111,
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This implies that

1 n
n g (P(Zk —pb <0) + E((e(zkfpek)/s)][{Zk—P"PO}))

444+ Z 1+ Z]E( (e%/3) 1y, >2})>

=5 k=5

S|

n—>5 2k+5 _5
< 4d4d/5+ — 44/32 =

2

foralln > 5.
The obtained estimates imply conditions of Corollary 3 with

A=2,B=1,C=6A=0,H=1/3,d"=5/2,D" =1.

Since

A + dHd" max cz 2 —A=65—-2
2 H2 o ’

it follows from Corollary 3 that
¥(x) < ¢ (x) = exp{—x/9}
forall x > 0.

We observe that in example under consideration we can get sharper upper bound for the ruin
probability because distributions of the first two claims are conducive to an increase of the initial
surplus. Namely, for x > 0 we have

=

I
~
/\/\(\/\
e
—N

2}
[=

o)

0=

Pp(x) = (Zx — pby) > X)

=
WV
—_
o~
Il

1

i(Zk*Wk) >x}>
k=1
i — pbe) > x})

sup i Zk — pek > x4+ 8) 1,[7(9( +38), (22)

n=1 k=1

VAN

=
s
/—/h\

3
Il
@

where ¢ denotes the ruin probability of IRRM generated by random claims {Z;, Z,,...} and inter
occurrence times {601,6,,...}. For all k € N r.v. 6 is uniformly distributed on interval [1, 3] and

Fa,(0) = T () +e (14 5 ) T (3).

The upper bound for the ultimate ruin probability ¢ can be derived using Corollary 3 as well
as Corollary 4. We choose the latter assertion. We should establish function A which bound sum of
cumulants of r.v.s Zk — p@k.

Forh € [0,1) and k € N we have

~ ~ —2h —6h
h(Ze—pBy) :e —e k+3_ 1
E (e7rh) (=) (k+4 A
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Hence, forh € [0,7/10] and n € N

n _ N n —2h —6h
h(Zk_ng) _ e —e k+3 . 1 <
k;log]E(e ) k_zil"g< W= ) <k+4 wrna-nm)|S°

because of negativity of each term in the sum.
Consequently, for the “shifted” model

P(x) < exp{—7x/10},x >0,
and by relation (22)
P(x) < ¢o(x) :==exp {—5 -1

Below, in Figure 1, we compare upper bounds ¢ (x) and ¢ (x) of ruin probability with its values
obtained by the Monte Carlo method.

1.0

0.8

0.004

0.003 \
0.002

0.001

Probability

0.4

0.000

0.0

o_
o -
~ -
—
o -

10
Initial Surplus x

Figure 1. Ruin probability for model of Example 1.

The second IRRM which we present here is generated by exponentially distributed claims and
inter occurrence times. We show that we can also derive the upper exponential bounds for ruin
probability using Corollaries 3 and 4 again.

Example 2. Let us consider IRRM generated by constant premium rate p = 1, a sequence of claims
{Z4,2,, ...} having exponential distributions

P(Zr<x) = (1—e )Ty, ke{1,35...},
P(Zy <x) = (1 - e*x/z) Tjpe), k€ {2,4,6,...},
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and a sequence of inter occurrence times {01, 05, ...} also having exponential distributions

P(6) < x) (1—e ™) Tjgp), k€ {1,3,5,...},

(1 - e*x/3) Tjgp), k€ {2,4,6,...}.

P(6 < x)

It is obvious that EZ; = E6;, = 1 fork € {1,3,5,...} and EZ; = 2, Ef; = 3 fork € {2,4,6,...}.
Hence, for n > 2, we have

(EZy — pEb) < —3

S|
M:

k=1

% ]:21 E (gk][{(?k}u})

1 n+1 n Yy _
= = -y = Jey/3
n( / ye Ydy + ZJ/M € dy>

- (gl gheees),
711]:21 (]P’(Zk —pb <0) + E(e(z’ﬁpg")/él{zk—pepo}))

LI (P - e <o)+ B (B o1y, )
+o 5] (Pza— 0 <0 +E (% @015, 4y
-SSR <5

After some calculations, we obtain that conditions of Corollary 3 hold with the following collection

of constants.

A=1/3,B=2,C=12,A=11/80,H =1/6,d* = 23/20.

In addition,

D* = B(Zi—pbi <O)+E((eA PO Ly g g))

© x
P(Z1 — pby <0) + /e*5y/6 (/ e7z/6dz) dy = %’
0 0

and

. c? 2
A+ O6Hd max{2 HZ} A <0,

if 6 < 47/3312. Therefore, we can suppose that § = 7/500.
In such a case, we get from Corollary 3 that

P(x) < P1(x) := min {1, Eexp{—7x/3000}} , x> 0.

It is evident that the obtained estimate has the exponential form but it is quite conservative.
The reason for this is the generality of the Corollary 3. The last estimate holds for wide group of IRRMs.
In fact, the estimate presented in Corollary 3 is not sensitive to the structure of the model. Fortunately,
in the example under consideration, the cumulant generating functions of r.v.s {Z; — pfy };-_; have
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sufficiently simple analytic expressions. Hence we can derive more sharp estimate for the model ruin
probability using Corollary 4.
Namely, if k € {1,3,5,...} and h € [0,1), then

1

E(eh(Zk*P(’k)) =

Ifk € {2,4,6,...} and h € [0,1/2), then

1
(1—21)(1+3h)°

E(eh(zk_l’gk)) —

Consequently,
n
W(Zx—pbx) _ |ntl 1 n 1
k;k’g (E(e )) L 2 J1°g1—h2+{2J1°g (1—21)(1 + 3h)
n+1 1
< <
S e aTmasmaran S

foralln € Nif h € [0,0.1424).
By supposing i1 = 1/8 we obtain from Corollary 4 that

¥(x) < ¢a(x) := exp{—x/8}

for all initial surplus values x > 0.

Below, in Figure 2, we illustrate the results obtained. In the figure, we can see the values of ruin
probability ¢(x) obtained by the Monte Carlo method, its conservative estimate ¢ (x) and its sharp
estimate §(x).

© |
- T e———
fee]
@
(]
2 o
:
g W(x)
o

0.4
£
=

0.2
|

0.0
|

T T T T T I
0 10 20 30 40 50

Initial Surplus x

Figure 2. Ruin probability for model of Example 2.

The last our example shows that for particular IRRM a sharper upper bound compared to the
standard exponential estimate for ruin probability can be derived. For this we need to apply Corollary 4,
because using Corollary 3 we can get only the standard exponential upper estimate, and the model
should be generated by random claims {Z;}{° , having finite exponential moments {Ee"Z}% | for all
positive h.
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Example 3. Suppose that IRRM is generated by a premium rate p = 1, a sequence of degenerated inter
occurrence times 6y = k,k € N, and a sequence of i.i.d. Poisson random claims {Z1,Z, . .. } such that

P(Z1=j)= ol j=0,12,...
In the case under consideration, we have that
log (E(eh(zk*pek)w = —k—1

forallk e Nand i > 0.

Therefore,
n
1
) log (E(eh(zk_’gek))) = n(e—1)— tn,
k=1 2
2
< gy
< n(e"-1) 5

ifh>0andn € N.
Hence, according to Corollary 4 we get that

P(x) < exp {—hx + (e - 1)2/2} < exp {hx + ZeZh}

for all positive x and h.
If we choose 1 = 3 log x, by supposing that x > 1, then the last estimate implies that

x/4
P(x) < exp{—zlogx} = <> , x> 1

Below, in Figure 3, we illustrate the results obtained. In the figure, red line is the derived upper
bound for ruin probability, and green line is the values of i(x) obtained by the Monte Carlo method.

W(x)

———  Upper Bound

0.6

Probability

0.4

0.2

0.0

Initial Surplus x

Figure 3. Ruin probability for model of Example 3.
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